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ABSTRACT 
 This research has two main purposes: 1) to provide the Illinois Department of Juvenile 
Justice (IDJJ) with an updated picture of recidivism among youth sentenced to the Department; 
and 2) to determine how YASI risk/protective domains and scores relate to post-release 
recidivism. To date, the research that is available regarding youth recidivism is fraught with 
methodological concerns (i.e., inconsistency in measurement). Moreover, there have been no 
systematic analyses of the YASI (an assessment tool used to determine placement and 
programming for youth entering the juvenile system) in Illinois since it was implemented by 
IDJJ in 2015. Thus, the present research fills in the gaps by assessing rates of juvenile 
recidivism, and the relationship between YASI risk and protective scores and recidivism. The 
cohort examined for the proposed research includes all juveniles released from an Illinois Youth 
Center (IYC)—which are receiving and classification facilities for youth sentenced to secure 
confinement—during the period from July 2015 through December 2016 (N=1,502). By 
integrating data on YASI and youth characteristics with criminal history data, multivariate 
techniques are used to determine the relationship between YASI scores, covariates (i.e., race, 
gender, length of supervision) and recidivism (rearrests, reconvictions, reincarceration). The 
current study analyzed recidivism with a follow-up period of at least 15 months and up to 27 
months.
  1 
THESIS: EXAMINING RECIDIVISM AND CORRELATES OF 
YASI SCORES AMONG YOUTH RELEASED FROM IDJJ 
INTRODUCTION 
  
Both adult and juvenile correctional facilities rely heavily on risk assessment tools for 
predicting risk of re-offense and determining treatment needs. Thus, it is important for facilities 
to know the predictive utility of their assessment tools, especially as it relates to the population 
under their supervision. The fact that IDJJ does not have a current study of youth recidivism, nor 
has it evaluated the degree to which the YASI is predictive of youth offender recidivism, 
substantiates the need for the current research. Additionally, IDJJ has undergone substantial (and 
progressive) changes regarding infrastructure and juvenile policy reforms in the last few years 
that arguably impact how youth are treated in the current system. The impetus for this research is 
to provide IDJJ with an understanding of how the YASI relates to youth as they matriculate 
through the system.  
 Historically, juvenile arrests and incarceration rates increased substantially throughout 
the 1980’s and 90’s. By 1998, youth under the age of 18 consisted of approximately 18 percent 
of criminal arrests made by police nationally (FBI, 1998; Puzzanchera & Kang, 2017). 
Consequently, the number of youth incarcerated went from approximately 105,000 in 1997 to 
107,493 in 1999 before dropping to 104,000 in 2001 and finally to under 50,000 by 2015 
(Sickmund, Sladky, Kang & Pussanchera, 2017). The upward trend in arrests during this period 
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was not unique to juveniles, and coincided with both an increase in crime in the 1980s and early 
1990s, as well as an increased emphasis on the enforcement of drug-law violations (Stemen 
2017). As a result of more arrests, as well as policies that increased the severity of sentencing of 
juveniles (i.e., automatic transfer of young offenders to adult court), the population of 
incarcerated juveniles also increased. The large increases in admissions among youth during the 
1980s and 1990s, and then the similarly large decrease during the 2000s, indicates how 
responsive incarceration rates for juveniles are to the effects of changing crime and arrest rates. 
 Similar trends to those seen nationally have also been evident regarding admissions to the 
Illinois Department of Juvenile Justice (IDJJ). The IDJJ population for youth went from about 
2,200 admissions in 1999 to 1,434 in 2005 before decreasing to 390 by 2016 (Illinois 
Department of Corrections, 2016; Rauner & Mueller, 2016). From 1998 to 2013, the number of 
court commitments to IDJJ decreased by over 60 percent (IDJJ and Loyola University Chicago, 
2014). As a result of the decline in new court commitments, the proportion of youth admitted on 
a technical parole violation has increased since the late 1990’s, accounting for almost 50 percent 
of youth detained in 2013 (IDJJ and Loyola University Chicago, 2014).   
There are also changes regarding youth characteristics that are worth noting. On the 
subject of demographics, the rate of detained Black youth in 2015 was 426 per 100,000, and just 
44 per 100,000 for White youth in Illinois (Sickmund et al., 2017). Again, this is likely 
influenced to some degree by arrest practices, considering Blacks accounted for 59 percent of 
arrests in 2015 compared to 24 percent of Whites and 16 percent for “Other” racial groups 
(Gleicher, 2017). The average age of youth admitted to IDJJ has also increased over the years, 
from 15.4 in 2000 to 15.9 in 2013 (IDJJ and Loyola University Chicago, 2014). In June of 2016, 
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IDJJ reported that the average age of juveniles in a residential facility (i.e., those sentenced to 
IDJJ and those sentenced who may have been returned as a violation of supervision) was 17.2 
(Rauner & Mueller, 2016). Again, the increase in the age of detained youth could be attributed to 
arrest practices, as well as a change in state law in 2009 that increased the age of juvenile court 
jurisdiction from 16 to 17. For instance, 16 and 17 year olds accounted for almost 60 percent of 
arrests in 2015 compared to other youth age groups (Gleicher, 2017). While court admissions for 
females and males decreased between the mid to late 1990’s and 2013, the highest proportion of 
admissions among females were for violent offenses (50 percent) and misdemeanor offenses 
(approximately 30 percent) compared to admissions among males (approximately 30 percent and 
13 percent, respectively) (IDJJ and Loyola University Chicago, 2014). In general, the number of 
females admitted has been substantially fewer than male admissions. As of June 30, 2016, only 
15 females were sentenced to a juvenile residential facility compared to 374 males (Rauner & 
Mueller, 2016).  Offense “profiles” of youth have also drastically changed in Illinois: in 1997, 
the rate of drug admissions was 36 per 100,000, whereas in 2015 it was only 4 per 100,000 
(Sickmund et al., 2017). Given the changing juvenile offender population over recent years, in 
addition to the recent implementation of the YASI, the importance of examining recidivism in 
determining whether YASI and case planning changes have contributed to a decline in returns 
cannot be overstated. 
 Evidence-based practices, including risk assessments founded on Risk, Needs and 
Responsivity (RNR) principles, did not always dominate the correctional realm. In 1974, Robert 
Martinson initiated a period of “New Penology” in his denouncement of offender treatment 
regarding rehabilitative models, essentially claiming “nothing works” (Stephenson, 2017; Feely 
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& Simon, 1992). Andrews, Zinger, Hoge and Bonta (1990) further discuss how Marxism and 
labelling theories, which was an “emerging social science” (p. 370) during the 1970’s, stood in 
direct opposition to rehabilitative reform and empirical research altogether. This fueled the 
movement for “get tough” policies based on the deterrence theory of crime, which led to a 
substantial increase in the correctional population while doing little to reduce recidivism 
(Andrews & Bonta, 2007).  The advent of computer technology in the early 1990’s, however, 
gave researchers the ability to identify effective practices for reducing recidivism (Stephenson, 
2017) by incorporating components of personality, cognition, and other theories based on the 
psychology of criminal conduct (Andrews, Bonta, & Wormith, 2006; Andrews & Bonta, 2007). 
Authors Andrews, Bonta, Hoge and colleagues (1990) established a theoretical framework aimed 
at guiding correctional practitioners in adopting practices and programs that effectively identified 
and treated factors most predictive of criminality. They contended that crime reduction is 
possible depending on the type of treatment, the setting, and the population for which the 
treatment is intended (Andrews, Zinger, Hoge & Bonta, 1990). In other words, “something 
works.” Today, many criminal justice programs aim to follow the RNR framework through 
planned interventions that target criminogenic needs.  
 All three principles of the RNR framework are important for addressing offender risks 
and needs and providing appropriate intervention. The risk principle concerns “matching 
services” (Andrews & Bonta, 2007, p. 1) to risk level (i.e., low, moderate, high) such that 
individuals identified as highest risk for reoffending should receive the highest dosage of 
treatment, supervision and programming (Jones, Brown, Robinson & Frey, 2016). This concept 
is well known and utilized among reentry, community corrections and probation populations. 
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Risk assessment tools provide the best avenue for determining risk level: “the risk 
principle…emphasizes the importance of reliably predicting criminal behavior and thus, the need 
for evidence-based instruments” (Bonta & Andrews, 2007). The needs principle is essential for 
providing treatment that prioritizes these factors (Jones et al., 2016). Dynamic risks are factors 
“… that are directly linked to criminal behavior” (Andrews & Bonta, 2007, p. 5). The literature 
on this topic identifies eight factors that are especially predictive of criminality: antisocial 
thoughts and attitudes, antisocial personality, antisocial peers, alcohol and substance abuse, 
dysfunctional family, lack of success academically or professionally, and inappropriate use of 
free time (Andrews & Bonta, 2006; Jones et al., 2016). Criminal history is also considered a 
“Central Eight” risk factor even though it is a static characteristic (it cannot be changed). Any 
criminogenic needs identified, and that can be changed (i.e., dynamic risk factors) should be 
targeted in treatment. Finally, the responsivity principle takes into account contextual factors 
(i.e., socio-economic status, gender, IQ, learning style) in individualizing treatment (Jones et al., 
2016). This principle draws upon cognitive social learning components to guide clinicians and 
practitioners in effectively correcting antisocial behaviors and attitudes (Andrews & Bonta, 
2007).  
Risk assessment tools that encompass the risk/needs principle have undergone several 
iterations over the years. Each “generation” has sought to improve on both accuracy and 
methodological concerns (Baglivio, 2009). The first generation primarily consisted of clinical 
judgment, which arguably introduces bias and inconsistency in scoring risk assessments. The 
second, third and fourth generations evolved from first generation risk tools into actuarial 
assessments with static factors, then static and dynamic factors, followed by static and dynamic 
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factors as well as inclusion of protective/strength factors (Baglivio, 2009). Protective factors are 
considered important in the individualization and specificity of case planning (Baglivio, 2009). 
The YASI is a fourth generation tool.  
            Prior to 2005, Illinois did little to differentiate youth offenders from adult offenders, as 
evidenced by the fact that the Juvenile Division was embedded in the Illinois Department of 
Corrections.  Thus, the agency that operated the state’s adult correctional centers was also 
responsible for operating its juvenile residential facilities (i.e., Illinois Youth Centers). Those 
who supported the 2005 uncoupling of the Juvenile division from IDOC and establishment of a 
separate Department of Juvenile Justice  argued that youth needed to be viewed as 
developmentally separate from adults, with different needs regarding education, social skills, 
mental health, etc. (Rauner & Mueller, 2016). There is evidentiary support for the rehabilitative 
perspective: treatment produces better outcomes for youth than does strict incapacitation. Some 
researchers in the field of child psychology have further argued that because youth most often 
process information using the emotional parts of their brain (the amygdala) rather than the frontal 
cortex (associated with rational thinking), they rarely make decisions about committing crimes 
using a cost-benefits analysis. Otherwise stated, incarceration alone is not much of a deterrent 
when youth are not thinking about how a criminal sentence will impact them as a motivation of 
whether or not to commit crime; rather, they are much more likely to respond emotionally and 
reactively in times of psychological distress (Garbarino, 2015; Fagan, 1996).  
 Consistent with Illinois’ return to a more rehabilitative approach to juvenile justice in 
the late 2000’s (i.e., “raising the age of juvenile court jurisdiction,” elimination of automatic 
transfer for 15 year olds for certain offenses), IDJJ began implementing several policies to 
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improve procedural justice and emphasize reentry (e.g.., preliminary hearings during the parole 
revocation process, changes to aftercare terms), which were also in response to claims of failing 
to meet standards pertaining to education, mental health and public safety. In 2015,  IDJJ 
received funding  from the MacArthur Foundation and worked with  Business and Professional 
People for the Public Interest,  to develop a strategic plan centered on principles of “right sizing, 
rehabilitation, reintegration, respect, and report” (Rauner & Mueller, 2016). In order for the 
agency to improve assessment and identify youth most in need of services, IDJJ began its roll out 
of the Youth Assessment Screening Instrument (YASI) in November of 2015. As of June 2016, 
IDJJ facilities had completed over 1,600 YASI Prescreens and approximately 1,100 Full 
Assessments (Rauner & Mueller, 2016).  
Recidivism, or the “relapse into prior criminal habits, especially after punishment,” 
(Blumstein & Larson, 1971) is used routinely in criminal justice research to determine the 
effectiveness of a program or policy in incapacitating, deterring, or rehabilitating an individual 
(NIJ, 2008). In turn, outcomes associated with measures of recidivism (i.e., rearrests, 
reconvictions) often serve to inform criminal justice practices and policies (NIJ, 2008). There are 
multiple definitions and measures of recidivism, and each will produce different rates of 
recidivism. For example, one might expect that measuring rearrests rather than reincarceration 
results in classifying more individuals as recidivists. The Council of Juvenile Corrections 
Administrators (2009) defines juvenile recidivism as “a new offense that would be a crime if 
perpetrated by an adult, committed by a previously adjudicated youth who has been released 
from a program or returned to the community” (p. 8). This definition thus excludes technical 
violators (returned as a violation of supervision) and status offenders (crimes reserved for youth). 
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In terms of the various ways to measure recidivism, re-offense is arguably the truest measure. 
However, it is difficult to ascertain whether an individual has recidivated if there is no legal 
record of it. Of course, self-report measures can be used but are open to under or over-reporting 
of criminal activity. This thesis uses rearrest as its measure for recidivism, given that IDJJ does 
not yet have complete information on the rearrest rates of youth exiting their facilities. This is 
also the most reasonable measure of recidivism considering it is unwise to include 
reincarceration and reconviction as measures of recidivism when the longest follow up period is 
less than three years.  
Literature Review 
Youth risk/needs  
 The main objective of risk assessment tools within the correctional realm is to match 
services and programming to the “risk profile” (p. 53) of the juvenile (Mulvey et al., 2016). The 
ability to systematically and accurately identify risks and needs is essential for providing 
interventions suitable to rehabilitation. As stated previously, dynamic risk factors are important 
because they are associated with higher recidivism outcomes in the juvenile (and adult) offender 
population. Dynamic risks are factors that are changeable; they assume the individual can be 
motivated to change. In other words, they serve to identify areas of need that should be addressed 
in treatment and offender programming. Among the dynamic factors found to be associated with 
re-offending, some of the most predictive are: antisocial cognition/attitudes, antisocial 
personality pattern, antisocial peers, substance use, family problems, poor employment/school 
performance and inappropriate use of free time. While treatment cannot address criminal history 
per se, considering it is a static factor, it is still important for determining behavior post-release.  
  
9 
 Much of the literature in correctional research focuses on the role of criminal history in 
evaluating youth outcomes. Indeed, past behavior is the strongest predictor of future human 
behavior. Cottle, Lee & Heilbrun (2001) examined over twenty dynamic and static predictors of 
recidivism and reported that criminal history was the strongest and most consistent predictor of 
re-offending, followed by substance abuse, inappropriate use of time, antisocial peers, and 
conduct disorder. The authors note that a youth’s age of first law enforcement contact and age at 
first arrest were particularly strong predictive factors (Cottle, Lee, & Heibrun, 2001). One may 
credit developmental psychology and life-course theories when explaining the effects of early-
onset delinquency on recidivism. Moffit’s (1993) developmental taxonomy model contends that 
the earlier a child engages in delinquent behavior, the more likely he or she is to continue such 
behavior into adulthood and the more likely he or she has personality traits that influence such 
behavior. These serious, “life course persistent” offenders are defined by their early age of onset 
and antisocial behavior. Previous literature has referred to these individuals as “criminal career” 
offenders, who commit a large percentage of crime. Moffit’s model further posits that that early 
“individual deficits” (p. 51), such as irritability, poor self-control/regulation and absence of 
parental response to inappropriate behaviors, lead to negative consequences like school dropout 
and social isolation, thereby creating a downward spiral in which youth are unable to break free 
from negative circumstances and thus are more prone to persistent delinquent behavior (Moffitt, 
1993; Patterson et al., 1998). This theoretical explanation is confirmed by Loeber and 
Farrington’s (1998) work, which has found that early-onset offenders are usually more serious 
and violent in their offending.  These serious-violent- chronic (SVC) youth in turn are more 
likely to engage in future criminal activity compared to non-serious and non-violent juveniles. 
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To summarize, early entry into the justice system means an uphill battle for youth trying to 
secure a normal life after incarceration. 
 A more recent study by Mulder, Brand, Bullens and Van Marle (2011) shows support for 
Cottle and colleagues’ findings regarding the predictiveness of criminal history variables after 
analyzing and controlling for over fifty static and dynamic risk factors of approximately 700 
juveniles who were required to undergo treatment in a juvenile justice facility. Family disruption 
and inability to employ appropriate coping mechanisms were also significant predictors of 
recidivism, in addition to antisocial peers and conduct disorder (Mulder, Brand, Bullens & van 
Marle, 2011).  
 Antisocial attitudes and personality are maladaptive traits associated with criminality. For 
this reason, many treatment modalities aim to normalize these antisocial attributes through 
cognitive behavioral interventions. Antisocial cognition (or reasoning) is defined as “attitudes, 
values, beliefs, and rationalizations supportive of crime; cognitive emotional states of anger, 
resentment and defiance” (Andrews, Bonta & Womith, 2006, p.11). Antisocial personality 
pattern is a broader, albeit similar, definition to the mental health disorder Antisocial Personality 
Disorder (APD), usually diagnosed in early adulthood. Conduct disorder is in many cases a 
precursor to APD, and includes defiant, rule breaking behaviors accompanied by many of the 
same characteristics as APD. The body of research with respect to these characteristics and 
future criminality is considerable (Cottle, Lee & Heilbrun, 2001; Mulder, Brand, Bullens & 
Marle, 2011; Steifel et al., 2016; Farrington, 1991; Benda, Corwin & Toombs, 2001).  Social 
learning theory may provide support for the intersection between antisocial attitudes/personality 
and recidivism. The criminological perspective of social learning assumes that delinquent 
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behavior is learned through socialization with persons in the social network (Akers, 1997). 
Behaviors continue when positively reinforced, or there is an anticipated or perceived reward 
(Akers, 1997). Once maladaptive behavior is learned, Skyes and Matza’s (1957) the theory of 
neutralization proposes that individuals must adopt defense mechanisms in order to protect 
themselves from feeling guilt or shame in allowing them to continue committing crime. As an 
example of “denial of injury” (Skyes & Matza, 1957), an individual may rob a household with 
the rationalization that the family was wealthy and could therefore afford the loss. The existence 
of observing and imitating antisocial behavior as well as neutralization techniques often 
flourishes in areas of social disorganization.  Juvenile delinquency is much more likely to occur 
in areas where law- breaking lifestyles are seen as a lucrative or necessary way of living for 
many (i.e. gangs), especially when the “code of the street” requires retaliation in cases where 
pride is threatened (Anderson, 2000). Finally, social learning theory can contribute to the 
theoretical concept of “negative attribution bias,” in which youth that have formed antisocial 
attitudes and personalities will perceive relatively harmless stimuli as outright threats, which 
explains the aggression and “acting out” often found in conduct disorder and APD.  Yet the 
majority of youth who exhibit relatively impulsive/low-self control and defiant behavior do not 
participate in delinquent activity. Research on social disorganization and ecological perspectives 
thus suggests that youth who are surrounded by a culture of violence are more than likely to 
engage in antisocial behaviors themselves. In other words, youth development does not occur 
inside a vacuum: it is highly influenced by environmental context.   
Dynamic factors, such as those associated with substance use, school performance, and 
inappropriate use of leisure time, are important for recidivism research, albeit they may have less 
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predictive power compared to antisocial attributes. According to Andrews and Bonta (2010), 
these moderate factors are “environmental factors that influence recidivism rates directly by 
providing opportunities for criminal behavior and indirectly by interacting with the Big Four” 
(antisocial attitudes, antisocial beliefs, antisocial personality, antisocial peers) (p. 614). For 
example, some research indicates the presence of antisocial associates and substance abuse has a 
particularly strong influence on risk of re-offending (Friedman & Terras 1999). Other studies cite 
school failure (Greiger & Hosser, 2014) and inappropriate use of leisure time (Cottle, Lee & 
Heilbrun, 2001) as having moderate impacts on youth recidivism. Substance abuse is a frequent 
focus in recidivism research. Stoolmiller and Blechman (2005) garnered data from the Colorado 
Longitudinal Youth Study (CLYS) on parent reports and youth self-reports of substance abuse at 
first arrest and found that self-report of substance use increased the likelihood of recidivism by 
70 percent. Interestingly, the likelihood of recidivism increased for youth who reported substance 
abuse and for parents who did not report their child as abusing, which suggests a “denial effect” 
from the parent (Stoolmiller and Blechman, 2005). In addition, research on Illinois Illinois youth 
committed to IDJJound that IDJJ, that youth who were sentenced for drug-law violations had 
substantially higher and cumulative 3-year rearrest rates (95% arrested) as compared to those 
sentenced for non-drug related offenses.  Such youth accounted for the third highest percentage 
of offenders re-incarcerated as a juvenile or adult (after person and property offenses) (Botswick, 
Boulger & Powers, 2013). In addition, research has demonstrated that males report more drug 
and alcohol use compared to females (Mulvey, Shubert, Chassin, 2010), and substance use is 
associated with an increased likelihood of recidivating (Hoeve, McReynolds, & Wasserman, 
2013) especially when there is an early age of onset (Loeber & Farrington, 2000).  
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More recent literature has demonstrated that the importance of dynamic risk factors 
change and even wane over time. The major concern is that treatment should be reassessed for 
appropriateness as the youth becomes older (Van Der Put, Stams, Hoeve, Dekovic, 2012). Van 
Der Put and colleagues (2012) utilized a sample of over 13,000 juveniles with prior criminal 
histories and found that the prevalence of almost all risk factors decreased by 40 percent over the 
period of adolescence (Van Der Put et al., 2012). Risk factors that remain unchanged over time 
or were important for older ages were in the areas of substance use, employment, use of free 
time, and antisocial attitudes (Van Der Put et al., 2012). In comparing age of first arrest, the 
authors found that the large decrease in the prevalence of risk factors in older youth is primarily 
driven by the large proportion of late-onset offenders (age of first crime 16 years or older) in the 
sample (Van Der Put et al., 2012). These findings are supported in earlier research (Loeber & 
Farrington, 2000), which emphasize the importance of identifying and treating early-onset 
offenders who typically possess multiple and serious risk factors that persist into adolescence. 
Thus, the extent to which dynamic factors predict future criminality depends largely on age; 
interventions should target criminogenic needs that are age appropriate.  
 The importance of conceptualizing the above factors as dynamic (with the exception of 
criminal history) points to the importance of amenability to change for these “risky” youth. As an 
example, there is a consensus among researchers that youth diagnosed with conduct disorder are 
amendable to treatment (Steiner, Cauffman & Duxbury, 1998). Since most youth upon release 
will return to the communities where they were apprehended, and while they may be provided 
with services that assist in rehabilitation, the culture of violence still exists. Thus probation 
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officers and practitioners typically employ cognitive restructuring, rewards systems, and 
cognitive behavioral techniques to get youth to think differently about their environments. The 
implications of failing to address and treat criminogenic needs, however, are grave: most 
research points to persistent and serious violation of the law well into adolescence and 
adulthood. 
 Static risk factors (i.e., gender, race), which are not targeted for change via criminal 
justice programming due to the fact that they are largely fixed, have been found to be predictive 
of criminality and re-offending and thus were examined as covariates in the current study. 
Regarding race and gender, African American males make up a substantial percentage of those 
involved in the criminal justice system (over 30% in state and federal prisons) both historically 
and currently. As just one example, Jung, Spjeldnes, and Yamatani’s (2010) findings indicated a 
much higher rate of recidivism for Black males compared to White males. Moreover, serious-
violent-chronic (SVC) juvenile crime typology was shown to be much more prevalent in African 
American males than any other demographic group (Baglavio, Wolf, Piquero & Epps, 2015). 
Longitudinal and comparative studies by Baglavio and colleagues (2014) on SVC and non-SVC 
youth concluded that both groups are predominately male, minority, and with risk scores high in 
substance abuse and criminal history. This is not overly surprising given how research points to 
over twice the number of adverse events (i.e., prior abuse, exposure to violence, perceived 
parental rejection and/or neglect) documented on the Adverse Childhood Experiences scale in 
SVC youth compared to non-SVC youth (Baglavio et al., 2015).  
 From a theoretical standpoint, researchers may argue that these findings have merit given 
that young African American males are largely concentrated in areas conducive to crime 
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(Sampson & Bean, 2006). Indeed, they are more prone to witnessing daily violence, heavy 
policing, substance abuse, and breakdown in family structure, all of which create opportunities 
for learning antisocial behaviors.  
Protective factors are “items that reduce the risk of re-offending” (Shepherd, Luebbers & 
Ogloff, 2016, p. 863). As stated previously, they are important for informing treatment and 
services that maximize chances of successful re-entry into the community (Baglavio, 2009). 
Proponents of including protective factors in risk/needs assessments argue that assessing 
potential offender strengths supports the rehabilitative approach (Ward & Stewart, 2003). In 
effect, being able to identify protective individual and external factors aids in the prevention of 
juvenile criminality in which schools and social justice entities seek to focus on and improve 
youth resiliency. Despite the beneficial implications of strength-based factors, the scope of 
research on this topic is much more limited than that of risk/needs factors.  
One existing study pertaining to protective factors examined the risk levels of a sample of 
117 Australian youth using the Structured Assessment of Violence Risk in Youth (SAVRY) and 
found that protective scores were indeed indicative of desistance from crime (Shepherd, 
Luebbers & Ogloff, 2016). In particular, prosocial relationships and positive school performance 
were most protective against re-offending (Shepherd, Luebbers & Ogloff, 2016). However, it is 
important to note that these findings were only applicable for youth categorized as low-risk. 
Lodewiiks Ruiter and Doreleijers (2010) examined the effects of protective factors on three 
samples of youth (pre-trial, assigned residential treatment, post-release) using the same risk 
assessment tool and found that for all three samples, protective factors appeared to mitigate the 
effects of negative risk factors among high-risk youth. Moreover, for low-risk youth in the post-
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release sample, violent recidivism decreased by over 30 percent for youth with two or more 
protective factors (Lodewjiks, Ruiter & Doreleijers, 2010). Similar to previous findings, 
prosocial attachments and relationships were most predictive of reduced violent recidivating 
(Lodewjiks, Ruiter & Doreleijers, 2010). Researchers from an ecological perspective, who 
suggest that factors occurring in one’s intrinsic and extrinsic environment are “context specific,” 
argue that protective (as well as risk) factors should take into account gender and environmental 
differences in their research. Nevertheless, there is little doubt that protective factors are 
important in their ability to mitigate the effect of risk factors and improve quality of life, 
especially in regard to pro-social supports and the overall accumulation of protective assets. 
IDJJ programming and services 
 In 2012, aftercare programming was implemented in IDJJ as a pilot program in an effort 
to depart from the Department of Corrections’ adult parole model (“IDJJ Aftercare,” n.d). The 
need for aftercare programming is based on the thought that incarceration disrupts normal 
development and socialization, making re-entry difficult, especially for young persons (“IDJJ 
Aftercare,” n.d). Beginning in 2015, each individual in IDJJ is assigned an aftercare specialist 
throughout his or her duration in the facility and as well as post-release (i.e., community 
supervision). IDJJ “wrap around” services (i.e., substance abuse, job training, education) are 
ascertained through collaboration with the client, family and community. Needs identified from 
scores on the YASI also influence the type and intensity of treatment/services and determine 
anticipated number of contacts between aftercare specialists and clients upon release. 
 A myriad of studies exist that have examined the efficacy of services that follow the 
RNR framework in terms of tailoring treatment to risks and needs identified on risk assessment 
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tools. The research pertaining to juveniles is more limited. Andrews and Dowden’s (1999) meta-
analysis of 225 studies with a combination of both juvenile and adult samples found moderate 
effective sizes for treatment programs that adhered to the risk principle (i.e., treatment aimed at 
high-level offenders). For correctional programs that took into account only criminogenic needs 
when addressing high-risk cases, effect sizes were much larger than programs targeting low-risk 
cases (Andrews & Dowden, 1999). Lipsey’s (1999) meta-analysis of experimental and quasi-
experimental studies on treatment services for juvenile offenders indicates a moderate decrease 
in recidivism (about 10 to 25 percent) for treatment targeted at intensive probation supervision, 
intensive aftercare with reduced caseload, and counseling programs in the school and 
community. In addition, effect sizes were reported to be greater—and thus most effective—for 
the older juveniles in the sample who had prior offense histories that were not status or property 
offenses (Lipsey, 1999). James and colleagues (2013) recommend in their meta-analysis of 
aftercare post-release programming that treatment should be directed most toward older and 
high-risk juveniles. This finding stands in opposition to some research (i.e., Van der put et al., 
2012) which contends that the earlier the intervention, the better. However, these two verdicts 
may converge to offer evidence that treatment is essential during all stages of youthhood (James, 
Stams, Asscher, De Roo & Van der Laan, 2013).  
 Ineffective programming can be deleterious for young individuals. Programs that lack 
program fidelity and fail to adhere to the core RNR principles may produce little value in the 
way of reducing recidivism. These programs may increase the prevalence of “drop-outs,” who 
have been shown to have higher recidivism rates compared to individuals who follow through 
(Bennett, Stoops, Call & Flett, 2007). In turn, high attrition rates among correctional programs 
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may indirectly contribute to the population of offenders revolving in and out of the justice 
system.  
YASI and recidivism  
The Youth Assessment Screening Instrument (YASI) is a risk/needs tool that that 
assesses a youth’s risk, identifies dynamic factors/criminogenic needs (categorized into 10 
separate domains) that are predictive of recidivism and point to areas of needed improvement, 
and suggests an individualized case management plan based on areas identified as problematic 
(Baird et al., 2013). Results from YASI scores help inform supervision level, required services, 
and frequency of aftercare contacts (Baird et al., 2013). Several studies demonstrate support for 
the YASI as a valid risk assessment tool. Indeed, the Virginia YASI received one of the highest 
ratings on measures of predictive validity when compared to seven other routinely used risk 
assessment tools (Baird, Healy, Johnson, Bogie, Dankert et al., 2013). Similarly, Jones, 
Robinson, Brown and Frey (2016) found that protective and risk factors on the YASI collectively 
predicted juveniles’ future offenses (up to 18 months follow-up) with strong accuracy. Of the 
eight factors central to predicting future criminality, legal history, antisocial peers, and attitudes 
were the largest predictors of recidivism (Jones, Robinson, Brown & Frey, 2016). Interestingly, 
the authors also note that protective factors (which is only a component of fourth generation risk 
assessments) had a buffering effect against risk scores such that youth with high-risk and high-
strength scores had re-offense rates of 19.7 percent, compared to almost 43 percent for youth 
with high-risk and low-strength scores (Jones, Robinson, Brown & Frey, 2016).  
Baglivio’s (2009) evaluation of the Positive Achievement Change Tool (PACT), which is 
based on the same parent model as the YASI, analyzed outcomes from over 8,000 youth; 
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recidivism rates were assessed for up to 20 months post-assessment. Using logistic regression to 
determine the relationship between PACT scores and recidivism (measured as a referral to the 
juvenile justice department), it was found that overall risk scores were significantly predictive of 
recidivism (β= .4, p < .001). As expected, higher scores in criminal and social history were 
indicative of re-offending (Baglivio, 2009). Additionally, the presence of antisocial peers 
indicated a 34 percent increase in the likelihood of recidivism (Baglivio, 2009). Taking the 
analyses a step further, Baglivio (2009) examined the differences in recidivism between males 
and females who were administered the PACT and found there were differences between the two 
groups regarding domains most predictive of a referral. In fact, the only variable associated with 
both gender’s recidivism was race (i.e., “being non-white”), and this characteristic was not part 
of the PACT (Baglivio, 2009).  
Despite the optimism for the YASI and other fourth-generation, reduction-oriented 
assessment tools, there are several shortcomings noted in the existing literature. Baird and 
colleagues (2013) acknowledged the small sample sizes in their YASI evaluation, especially 
because YASI had not been fully implemented in Virginia at that point. They also raised 
concerns about the officers as having doubts about the usefulness of the tool in case planning as 
well as the extensive training needed to administer the assessment. Moreover, much of the 
literature only examined YASI assessments administered to youth in contexts (i.e., community 
sentence) other than detention (Jones, Robinson, Brown & Frey, 2016).  Baglavio’s (2009) 
findings suggest caution when applying risk tools to heterogeneous populations suggesting that t 
treatment providers should assess the applicability of the tool for different genders, ethnicities, 
etc.  Recent discussion on the topic of gender and RNR-based assessments have suggested that, 
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for the most part, assessments do predict male and female reoffending similarly (Jones et al., 
2015). There is a markedly limited amount of research examining the construct validity of the ten 
YASI domains. Skeem, Keenealy, Tartar, Hernandez and Keith (2017) found no evidence of 
construct validity for any domains other than Legal History and Substance Abuse, suggesting 
that items on the CA-YASI (a modified version tailored to the population) may not be actually 
measuring crime-reduction risk factors under the RNR model. Skeem and colleagues (2017) 
discussed further that (Criminal) Attitudes were found to have the weakest discriminate and 
convergent validity, which is a serious concern from a treatment standpoint given the number of 
individuals who are referred to cognitive behavioral programs based on findings from risk 
assessment tools.  In addition, the same authors found in a similar study that the Area Under the 
Curve (AUC) statistic was approximately .65 regarding total CA-YASI scores’ ability to predict 
any rearrest, and approximately .55 for violent rearrests (Skeem, Keenealy, Hernandez, Clark & 
Tartar, n.d.). According to Zhang, Roberts and Farabee (2011), variables with AUC values of 
0.70 or above are considered to have strong associations with the dependent outcome; thus, the 
YASI’s predictive utility for violent recidivism in this research fell short of that standard.  
Other studies, like that of Van der Put (2012), caution against assuming predictive 
validity for risk assessments at face value for failure to consider the fact that clients’ dynamic 
risk factors change over time. Using the YLS/CMI risk assessment, Clarke, Peterson-Badali and 
Skilling (2017) found that when administering the assessment to identify dynamic scores over 
two subsequent time periods (i.e. at probation and before first re-offense/study end date), this 
increased the power of the tool in predicting recidivism beyond scores identified in the initial 
assessment. The authors note that some dynamic risks, such as substance use, tend to vary 
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considerably and thus need to be monitored more closely than other dynamic items (i.e., 
employment) (Clark, Peterson-Badali & Skilling, 2017). Nevertheless, their work proves the 
necessity for re-assessment in risk/need tools. Much of this research is still new but verifies the 
potential for improvement, especially considering a substantial number of agencies that have 
adopted actuarial risk assessments to manage their correctional population.  
 There are major gaps in the recidivism research for youth who are released from 
correctional facilities. A collaborative effort from the Council of State Governments Justice 
Center (CCSGJC), the Pew Charitable Trusts’ Public Safety Performance Project, and the 
Council of Juvenile Correctional Administrators led to a nation-wide survey of juvenile 
correctional systems and a subsequent report on the deficiencies in recidivism data (Council of 
State Governments Justice Center, 2014). It was reported that of the 50 states, 11 were not 
tracking youth recidivism at all (Council of State Governments Justice Center, 2014). For the 39 
states that did report, 18 utilized only one measure of recidivism (i.e., rearrest or re-conviction) 
(Council of State Governments Justice Center, 2014). A similar study conducted by the Council 
of Juvenile Correctional Administrators (2009) noted that recidivism definitions varied 
considerably across states, as did length of follow-up. The fact that definitions and measures of 
recidivism lack standardization is concerning from a methodological standpoint as recidivism 
rates cannot be compared across jurisdictions. Equally concerning is the fact that  only 29 of the 
39 states that collect recidivism data actually disseminate this information to the public (Council 
of State Governments Justice Center, 2014). Given the sensitive nature of juvenile records, 
especially for small jurisdictions where youth may be more easily identified, juvenile 
information may not be reported and/or available to the public. One CCSGJC (2009) finding of 
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particular interest (given the present research topic) is that the majority of agencies were not 
utilizing risk assessment scores of youth who recidivated (Council of State Governments Justice 
Center, 2014), suggesting that it is not possible to determine whether the state is “serving its high 
risk population” (Council of State Governments Justice Center, 2014, p. 3). Without accurate and 
comprehensive recidivism data, it is difficult to fully estimate juvenile re-offense patterns.  
 There has been little other research on the topic regarding youth recidivism rates in 
Illinois. A comprehensive review of recidivism conducted in 2011 and 2013 found that 86% of 
releasees from the Illinois Department of Juvenile Justice (IDJJ) were rearrested within 3 years 
of their release (Botswick, Boulger & Powers, 2013) and 62% were readmitted to either an adult 
or juvenile facility within 6 years post-release (Boulger & Olson, 2011). However, there have 
been no studies looking at the relationship between YASI scores and recidivism of youth 
released from IDJJ. In order to mitigate the issues brought to light in previous evaluations of 
recidivism research, the current study includes one measure of recidivism (rearrest) and accounts 
for YASI risk scores among the youth released from IDJJ. 
Methodology 
Research questions/hypotheses 
The current research examines the results of Youth Assessment and Screening Instrument 
(YASI) applied to a 2016 cohort of juvenile releasees from the Illinois Department of Juvenile 
Justice (IDJJ), and how these YASI risk/needs/protective domains are related to post-release 
recidivism of these youth. Specifically: 
a. What are the distributions of risks/needs/protective scores among youth in the 
sample? 
  
23 
b. How are the scores on the YASI correlated with other youth characteristics, 
such as age, race, gender, committing county, and type of current offense? 
c. What are the rates of post-release recidivism (rearrest for any offense and 
specifically for a violent crime) in the cohort, and what influence/relationship 
do youth characteristics and YASI risk/needs/protective domain scores have 
on these rates of recidivism? 
Based on the existing literature, it was hypothesized that items on the YASI associated 
with criminogenic risks/needs that most strongly predict recidivism would be moderate/high 
scores in the legal risk and dynamic risk domains, especially regarding the number of prior 
arrests and substance use.  
Data collection and analysis procedures 
 Analyses were performed using individual-level data for youth released from custody of 
the Illinois Department of Juvenile Justice (IDJJ), the state's "prison" system for juveniles. All of 
the data obtained and analyzed for this project was already routinely collected by the Illinois 
Department of Juvenile Justice or the Illinois State Police as part of the normal processing of 
youth through the justice system, such as youth demographic information, current offense, length 
of stay in IDJJ, and criminal history record information. IDJJ staff extracted the Youth 
Assessment Screening Instrument (YASI) data from the SQL 2014 database for the appropriate 
cohort. YASI data contains information regarding Overall scores (high, medium, low) on the 
Prescreen, and all data from the Full Assessments administered to each juvenile over the course 
of their stay at an Illinois Youth Center (IYC). In addition, IDJJ staff provided data on the 
number of aftercare contacts per month (face-to-face contacts between all juveniles released and 
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an aftercare Specialist) extracted from Youth 360.  
 A separate data file with Criminal History Record Information (CHRI) data for all 
juvenile releasees from IYC in 2016 was provided by the Illinois Criminal Justice Information 
Authority (ICJIA) and matched with the IDJJ data in order to determine whether each individual 
in the cohort had recidivated (as measured by rearrests). The cohort examined for the proposed 
research included all juveniles released from an Illinois Youth Center (IYC) for all of state fiscal 
year 2016 (July 2015 through June 2016) plus the period from July 2016 through end of 
December 2016 (N=1,502). 
Regarding the research design, descriptive statistics were generated to determine the 
sample characteristics (i.e., central tendency, SD, variance) across all of the potential 
independent variables and outcome measures (e.g., post-release rearrest/recidivism). Bivariate 
analyses (including Chi square, t-tests and ANOVA) were also performed to determine the 
existence and strength of the relationship between the YASI scores and covariates. Finally, 
multivariate analyses (i.e., logistic regression) were performed to determine the relationship (i.e., 
existence and strength of statistical relationships) of the independent variable (i.e., YASI scores, 
covariates, service referrals, aftercare contacts) and the two measures of recidivism (re-arrests for 
any crime and rearrests specifically for violent offenses). Thus, two different models were 
developed and tested—one for each of the different measures of recidivism. 
Sample (characteristics) & independent variables 
 All youth released from IDJJ in state fiscal year (SFY) 2016 and the first half of SFY 
2017 were included in the study (N=1,502). Before performing any analyses, the sample was 
limited so that an individual youth was only included once. Thus, duplicate cases were identified 
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and excluded by selecting only the first exit for youth who may have had multiple exits within 
the sampling period. The follow up period (time between exit date and CHRI data generated) 
averaged approximately 2.7 years. Previous studies (i.e., Boulger, 2009) excluded technical 
parole violators (TPVs) from their sample, arguing that these individuals were considered 
recidivists given they had violated the terms of their parole and thus had been sent back to IDJJ. 
While this is true, examining technical parole violators in this study provided unique insight into 
how this population is treated when returned to IDJJ (i.e., whether they are administered a 
comprehensive risk assessment for treatment and services). Further, this population accounted 
for one-quarter (25%) of the sample in the present study, substantiating the need to analyze them 
here. In line with this, by running bivariate analyses for TPV’s versus court exits (see Bivariate 
Results), it was evident that the two populations differed considerably. For the aforementioned 
reasons, technical parole violators were included—both in the bivariate and multivariate 
analyses—allowing for comparison to court commitments. 
 Descriptive statistics were examined for a number of demographic characteristics, such as 
age, race, gender, education level and committing county (Table 1). All juveniles released from 
the custody of the Illinois Department of Juvenile Justice (IDJJ) during the sample period were 
included in the analyses (N=1,502). 
 Demographics: As discussed earlier, there are myriad studies that have found a 
significant relationship between demographic characteristics and recidivism, which is why it is 
important to examine them in the current study. Race was recoded into (1) Black (2) White (3) 
Hispanic and (4) Asian. For the multivariate model, Asian and Hispanic were grouped together 
due to the fact that there were so few Asians in the sample. Gender was coded as (0) Male and 
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(1) Female. The original “Committing County” variable reports the jurisdiction in Illinois from 
which an individual was convicted or adjudicated (Rauner & Mueller, 2016). For the purpose of 
producing concise data and tables in the present study, the variable was recoded from all the 
individual counties into (1) Cook, (2) Collar (the five counties that border Cook), (3) Other 
Metropolitan Statistical Areas (defined by the US Office of Management and Budget as an 
urbanized area of more than 50,000 in addition to bordering territories of “social and economic 
integration with the core as measured by commuting ties”) and (4) Rural (as defined by the US 
Census Bureau as not part of a Metropolitan Statistical Area). Finally, highest level of education 
indicates last education level achieved, categorized as (1) Some Grade School, (2) Grade School 
Completed, (3) Some High School, (4) High School Graduate/GED. Since there were over one 
hundred missing cases in the education variable, it was not utilized in further analyses.  
From the descriptive analyses, roughly 65% were Black, 20% were White, and 14% were 
Hispanic. The majority—more than 90 percent—were male, and the average age of the youth at 
the time of their release from IDJJ was 17.22 years old. In order to be considered for IDJJ 
commitment, an individual must be at least 13 years of age and no older than 17 when the 
offense was committed (705 ILCS 405/5-130). Youth may serve their sentence in an Illinois 
Youth Center until they turn 21 years old (Illinois Criminal Justice Information Authority, 2010). 
 The relatively older age from the descriptive analyses was not surprising. Aside from 
changes in police practices, there have been recent and sincere political efforts to keep juveniles 
from being prosecuted and committed in the adult system. In 2016, for example, Governor 
Rauner signed into law a policy that made any offense committed by a 15-year-old ineligible for 
automatic transfer of a juvenile case into adult court and significantly limited automatic transfer 
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for 16 and 17 year olds (705 ILCS 405/5-130). While Cook County committed the largest 
number of youth (approximately 43%), other Metropolitan areas (i.e., Rockford, Peoria) 
significantly contributed to the IDJJ population (roughly 33% of those in the sample were from 
these areas). In terms of education attained, almost one-half (47%) of the sample released from 
IDJJ had completed at least some high school, while only about 6% of the sample had graduated 
from high school or obtained a GED, which is understandable given the large proportion of 
youth under 18 in the current study. Also, high dropout rates via incarceration in DJJ could 
prolong youths’ completion of their high school education. These data regarding sex, race, 
education level and committing county reflect similar trends nationally, as well as those reported 
by IDJJ in the past fiscal year.   
Table 1. Demographic Characteristics of the Sample (N=1,502) 
 Variable Number Percent 
Age at Release (mean, years) 17.22 
Gender     
     Male 1411 93.9% 
     Female 90 6.0% 
Race     
     White 318 21.2% 
     Black 972 64.7% 
     Hispanic 210 14.0% 
     Asian 2 0.1% 
Highest Education Level at Admission     
     Some Grade School 107 7.1% 
     Grade School Graduate 522 34.8% 
     Some High School 675 44.9% 
     HS Graduate/GED 86 5.7% 
     Missing 112 7.5% 
Committing County     
     Cook County 649 43.2% 
     Collar County 106 7.1% 
     Other Metropolitan Statistical Area 499 33.2% 
     Rural Area 248 16.5% 
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YASI: The primary variables of interest are the scores/risk levels of youth on the YASI 
assessment of risk/needs/protective factors. When youth are taken into custody, they are 
processed through a Reception and Classification Center (R&C), and staff evaluates each 
individual to determine risk level and appropriate services and needs (Illinois Criminal Justice 
Information Authority, 2010). From there, youth are transferred to an IYC that staff has 
determined is most suitable for that particular youth, where he/she receives services identified at 
the R&C (Illinois Criminal Justice Information Authority, 2010). For the cohort examined, the 
frequency and distributions of these domain scores/levels have not been systematically examined 
by IDJJ, and thus this project is the first to examine these data in Illinois. The Full Assessment 
consists of 87 static and dynamic items across 10 domains: legal history, family, school, 
community and peers, alcohol and drugs, mental health, aggression/violence, attitudes, skills, 
and employment/use of free time (Baird, Healy, Johnson, Bogie, Dankert, Sharenbroch, 2013). 
Collection of this information by the IDJJ staff involves a semi-structured interview, review of 
youth’s criminal history record, in addition to reports from police, school staff, family, and 
relevant agencies (Orbis Partners, 2011). Most items are scored on a Likert-scale of 
approximately 6 options per question, rated from low to very high (Jones et al., 2016; Baird et 
al., 2013). The YASI Pre-Screen is an abbreviated version often administered at intake, with 32 
items across 9 domains (Baird et al., 2013).  The Prescreen is an important tool because it 
includes the most predictive static and dynamic factors related to delinquent recidivism (Orbis 
Partners, 2011). It is also used to quickly identify the individual’s areas of need, and then utilized 
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in the full assessment to develop a more detailed risk profile of the individual (Orbis Partners, 
2011).  
            Separately, the YASI assesses areas of protective (or strength) and risk factors to 
determine whether to classify the subject as low, moderate, or high risk, which are separated into 
10 separate domains (legal history, family, alcohol and drugs, school, skills, employment/use of 
free time, aggression/violence, attitudes, community and peer relationships and mental health) in 
order to formulate an overall static/dynamic risk and protective score for the individual. Thus, it 
is possible for an individual to score high risk/high strength on a single domain (Jones et al., 
2016). Risk factors are separated into static and dynamic. To reiterate, static factors are 
characteristics that cannot be changed, such as gender and age at first offense (OJJDP, 2015), 
while dynamic factors are those that can evolve over time, such as substance abuse, delinquent 
peers and poor academic achievement. Protective factors are features that work against risk 
factors to reduce the likelihood of delinquency, such as community and parental support (OJJDP, 
2015). Youth Assessment Screening Instrument (YASI) scores were provided for the overall 
scores and flags (i.e., low, low moderate, moderate, moderate high, high, very high) for the 
Prescreen and Full Assessments administered to each juvenile over the course of their stay at an 
Illinois Youth Center (IYC).  The data provided by IDJJ comprised the Legal, Social Risk, and 
Protective scored domains for the Pre-Screen and the overall scored domains for Static Risks, 
Dynamic Risks, Static Protective and Dynamic Protective factors. In order to provide a detailed 
picture of YASI scores, Prescreen variables (which are the most complete data) were included in 
the multivariate models. Both Prescreen and Full Assessment variables were included in the 
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bivariate analyses. When including these variables in the recidivism analyses, some categories 
(i.e., low and moderate) were combined.  
 The largest group of youth in the sample (83%) was identified through the YASI 
Prescreen Overall scores/risk levels as high risk. The present study also examined the data 
regarding Prescreen and Full Assessment YASI risk/protective scores. Certain domains were not 
scored depending on the nature of the risk/protective factor (i.e., dynamic risk and legal history). 
Table 2 reflects the Pre-screen scores separated into domains and Overall Risk score. The 
subsequent tables (3-6) represent overall and individual domain levels for static risks and 
protective factors, and dynamic risks and protective factors.  It is important to note and explain 
the large decrease in sample size. This is due to the fact that because the YASI was rolled out in 
November 2015, some youth had not yet been administered the YASI during this study period. 
Also, as to be expected with the implementation of a new program or policy, there were data 
issues in which some individuals administered the YASI during the study period could not be 
matched to the releasees examined in this cohort. 
 
Table 2. Distributions of YASI Risk Levels of the Sample (Prescreen) (N=760) 
 Variable Number Percent 
Low 4 0.5% 
Moderate 125 16.4% 
High 631 83.0% 
 
 Below are frequency distributions for each of the Dynamic and Static domains risk levels 
for both risk and protective factors. Note that the sample size is much smaller than for the 
analyses based only on the IDJJ data or the YASI Prescreen data. Regarding Static Risk, almost 
all cases examined were classified as high risk (approx. 98%). On the other hand, moderate risk 
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scores accounted for the largest classification for Dynamic Risk, similar to the moderate score 
for the Dynamic Protective domain (approximately 30% of the sample). Over 60 percent of the 
sample indicated no Static Protective strengths. Thus, while youth administered the YASI Full 
Assessment appear to have a host of adverse and unchangeable factors, they also possess 
protective attributes that can be targeted in treatment interventions (i.e., dynamic, changeable 
factors). 
Table 3. Distributions of YASI Static Risk Levels (Full Assessment) (N=352) 
 Variable Number Percent 
Low 2 0.5% 
Moderate 6 1.7% 
High 344 97.7% 
 
Table 4. Distributions of YASI Dynamic Risk Levels (Full Assessment) (N=352) 
 Variable Number Percent 
Low 25 7.1% 
Low Moderate 47 13.4% 
Moderate 84 23.9% 
Moderate High 105 29.8% 
High 52 14.8% 
Very High 39 11.1% 
 
Table 5. Distributions of YASI Static Protective Levels (Full Assessment) (N=679) 
 Variable Number Percent 
Low 51 7.5% 
Moderate 91 13.4% 
High 84 12.4% 
None 453 66.7% 
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Table 6.  Distributions of YASI Dynamic Protective Levels (Full Assessment) (N=352) 
 Variable Number Percent 
Low 27 7.6% 
Low Moderate 56 15.7% 
Moderate 97 27.2% 
Moderate High 108 30.3% 
High 48 13.5% 
Very High 20 1.3% 
 
Aftercare:  In an effort to help youth assimilate back into the community, aftercare 
specialists provide case management services and meet with youth on a regular basis. Aftercare 
specialists monitor youth using evidence-based practices such as incentives and graduated 
sanctions so as to encourage prosocial behavior change (Rauner & Mueller, 2016). As a response 
to Senate Bill 1560 mandating aftercare services, IDJJ began to set aftercare terms for each youth 
based on seriousness of the committing offense. Youth with Class 3 or 4 convictions receive 6 
months, youth with Class 1 or 2 receive 12 months, and juveniles with Class X offenses are 
mandated 18 months of supervision (Rauner & Mueller, 2016). As mentioned previously, the 
RNR framework as it pertains to evidence-based practices suggests that level of risk should 
match treatment and services. 
Descriptive statistics were examined for the aftercare data to understand the distribution 
of the number of aftercare contacts among individuals in the sample after exit from IDJJ (N= 
1,214). The sample size is smaller than the IDJJ sample given that not all youth from this sample 
could be matched with the IDJJ data. Given that quite a few factors could potentially influence a 
youth’s frequency of contact post-release (such as time in the community post-release, risk level, 
seriousness of offense) it is not surprising that the range of contacts for this sample was large, 
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ranging from one contact to over 300 contacts per youth. Table 7 displays the median number of 
contacts (27). Median was used due to the large positive skew of 4.56 (SD 27.5, M 32.8). Table 7 
also displays the variable broken down into ordinal categories, to show that the highest 
percentage of contacts were between 21 and 40 for this sample.   
Table 7. Aftercare Contacts (N=1, 214) 
Variable            Number                       Percent 
Aftercare Contacts (median) 
1-20                                                 
                                       27.0 
                       429                              35.3% 
21-40 
41+                                                        
                       456                              37.6% 
                       329                              27.1% 
  
  
Analyses were also performed to determine the types of referrals given to juvenile 
releasees. IDJJ is partnered with several community agencies in order to deliver individualized 
treatment and placement services for youth (Rauner & Mueller, 2016). Many youth received 
multiple services before and after their release from IDJJ. However, for this study only the first 
service the youth received was examined. Although only about 23 percent of the referral data 
was matched to the exit data, one can still make a cautious determination from the percentages 
listed in Table 8 that the majority of the referrals in this sample were for substance abuse (18%) 
and school (35%). Given the previous literature’s emphasis on school performance and substance 
use as significant predictors of recidivism, the fact that these services were the most commonly 
referred is understandable.  
Table 8. Distributions of Service Referrals (N=345) 
 Referrals   Number Percent 
Anger Management  13 3.8% 
Gradpoint 24 7.0% 
Job Readiness Training 13 3.8% 
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Medication Monitoring 6 1.7% 
Mental Health 39 11.3% 
Mentor 1 .3% 
Other Placement 4 1.2% 
Placement DCFS Involved 2 .6% 
Parenting Education 6 1.7% 
School 122 35.4% 
Sex Offender Counseling 4 1.2% 
Sex Offender Residential Placement 27 7.8% 
Substance Abuse (In Patient) 8 2.3% 
Substance Abuse (Out-Patient) 55 15.9% 
Workforce Development  21 6.1% 
 
 
 Descriptive statistics were also generated and examined regarding the total number of 
criminal arrests and petitions, the current offense that resulted in the IDJJ commitment (crime 
type and felony class), admission type (initial commitment, new commitment, court evaluation, 
court evaluation return, technical parole violator), drug use, exit type (discharged to institution 
versus released to supervision) and total length of time served for the current offense (time spent 
in IDJJ plus pre-adjudication detention time) for all youth released from the Illinois Department 
of Juvenile Justice from July 2015 to December 2016 (Table 3, Table 9).  
 Total Criminal Petitions and Criminal Arrests (IDJJ): These variables provide an 
elementary picture of the criminal history of youth in the sample. Prior criminal petitions are 
essentially a petition filed with the court alleging that the individual has violated a law or 
ordinance. Given that it was hypothesized that more extensive criminal histories would predict 
future recidivism, these variables are of particular interest for the current study. These measures 
of criminal history were included in the bivariate and multivariate models as continuous 
variables.  In the IDJJ data, the number of arrests and petitions are usually provided by a 
probation officer in the social history report provided to IDJJ but may not always be complete or 
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accurate. Thus, prior arrests and violent arrests were also analyzed based on data generated for 
this research using the Criminal History Record Information (CHRI) maintained by the Illinois 
State Police.  
 Total Prior Arrests and Prior Violent Arrests (CHRI): These variables were recoded from 
the criminal history data provided by IDJJ and ICJIA and merged into the IDJJ data for the 
purpose of running bivariate and multivariate analyses. All variables pertaining to criminal 
history were analyzed with the hope that a clearer picture of criminal history could be obtained.  
These measures of criminal history were also included in the bivariate and multivariate models 
as continuous variables. 
 Current Crime Class/Holding Crime Class: The “Holding Crime Class” variable is used 
to determine the severity of a criminal offense, including decisions about sentence and 
supervision length. Class X, 1, 2, 3 and 4 crimes are all felonies, as well as murder which is a 
separate category. Class X is the most serious felony class (aside from first-degree murder) and 
includes crimes such as aggravated criminal sexual assault and armed robbery. Class X, 1, and 2 
crimes involve the more serious violent and drug offenses, while Class 3 and 4 felonies usually 
constitute offenses involving less serious property and drug offenses. Misdemeanors, on the 
other hand, are the least serious punishable offense and usually entail offenses such as simple 
theft. Some classes were combined for the bivariate and multivariate analyses, resulting in a 
recoded variable of 1) Class 2 and higher 2) Class 3 & 4 and 3) Misdemeanor.  
 Current Offense Type/Holding Offense Type: This variable represents the type of offense 
for which the youth was adjudicated or convicted (Rauner & Mueller, 2016). When an individual 
has several charges against him/her, only the most serious charge is counted as the holding 
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offense (Rauner & Mueller, 2016). Specifically, the “Holding Offense Type” variable groups 
crimes into person, property, drug, sex, or other.  Similar to the crime class variable, several 
offense types were combined for the bivariate and multivariate models. Person and sex crimes 
were combined to constitute a violent crime category, and property, drug, and other crimes were 
combined to constitute a non-violent category.  
 Current Admission Type: This variable is used to determine the reason for admission to 
IDJJ (Rauner & Mueller, 2016).). Youth are primarily admitted as either court admissions or 
parole violators. Initial commitments, or “full delinquency commitments,” refer to youth who are 
taken into custody, adjudicated delinquent and admitted as a delinquent to IDJJ. Court 
evaluations are admissions to IDJJ for a short period of time (30, 60 or 90 days) in order to 
provide a thorough evaluation of needed treatment services. At the end of this period, a judge 
may  decide  impose  a probation sentence or  keep the juvenile committed for a longer  of time 
by imposing a delinquency commitment to IDJJ (court evaluation returns). Discharges and 
recommitted youth are individuals who completed a sentence and aftercare requirements in IDJJ, 
were released from an IYC, and re-committed for another offense that resulted in a new 
commitment to IDJJ. New commitments (previously known as parole violators with a new 
sentence) are offenders who were picked up for a new charge while on still completing their 
aftercare. All of the aforementioned admissions are court-ordered (Rauner & Mueller, 2016).  
Technical parole violators, on the other hand, are individuals that have violated the terms of their 
post-release aftercare and are returned to IDJJ because of this violation. 
 The existing literature makes an important point about how each type of admission is 
unique in relation to youth recidivism  (Botswick, Boulger & Powers, 2013). Court evaluations, 
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for example, are a unique population to IDJJ in that these youth are not necessarily required to 
complete post-release aftercare once they complete the judge-mandated terms (meaning they are 
vacated of their commitment to IDJJ) of their short stay in IDJJ. Only youth who are evaluation 
returns must complete parole (Botswick, Boulger & Powers, 2013). For this reason, all types of 
admission are used as covariates for the analysis.  
Last Security Level: This variable corresponds to the last security level of the individual 
before release. Security levels are used to assess facility placement and “reflect the risk the 
individual poses to themselves, other inmates, staff, and their risk of escape” (Botswick, Boulger, 
& Powers, 2013, p.10). Coded as (1) Maximum, (2) Medium (3) Minimum and (4) Pending, this 
variable is useful in examining whether YASI scores correspond to the security level of the 
individual during incarceration in addition to its relationship with recidivism. Because there were 
so few juveniles in the maximum category, maximum and medium were combined into one 
category for the multivariate analyses.  
Substance Use: There are several variables in the IDJJ exit dataset that distinguish 
individuals who indicated using substances. These variables correspond to whether the juvenile 
has used alcohol, marijuana, or other substances (i.e., cocaine, PCP, amphetamine, heroin). 
These drugs (excluding alcohol) are classified as Schedule I and II substances under the 
Controlled Substances Act. For the descriptive and multivariate analyses, Substance I and II 
drugs were merged into one variable. However, since Illinois has become more lenient in regard 
to marijuana usage, in addition to the fact that a large percentage of the sample had reported 
marijuana usage, this was excluded from the “Substance I or II” variable.  Considering that such 
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a high percentage youth in the sample had reported using either marijuana or alcohol, only the 
“Substance I or II” variable was used in further analyses.  
 Exit Type: This variable provides more detail into what happens when youth are eligible 
to exit IDJJ. Youth are typically mandated to serve parole or perhaps other types of community 
supervision. Some youth who have spent the maximum sentence length (or reach the age of 21) 
are discharged from the facility, and are not subject to any post-release supervision. The variable 
in this study was coded as (1) Discharged from Institution and (2) Released to Supervision. 
 Length of Stay: Length of confinement is an important legal factor in determining 
likelihood of recidivism. The available literature on length of stay and recidivism for juveniles 
reveal  mixed findings, with some research inferring a significant predictive relationship 
regarding length of stay on future recidivism (Katsiyannis & Archwamety, 1997) and others not 
(Loughran et al., 2009; Winokur, Smith, Bontrager, Blankenship, 2008). The significant effects 
of length of stay may be mediated by the typology of the offender, type of offense (i.e. drug 
versus sex versus homicide), risk level, or even demographic or antisocial characteristics 
(Winokur et al., 2008). Further, the exact amount of time institutionalized may produce different 
results: some research has demonstrated a curvilinear relationship in which the shortest and 
longest time imprisoned results in individuals least likely to recidivate, with individuals serving 4 
to 6 months experiencing the highest likelihood to recidivate (Boulger, 2009; Winokur et al., 
2008). Winokur and colleagues (2008), however, found this to be true only for individuals from 
non-residential or high-risk residential programs.    
 Moreover, length of stay was differentiated and analyzed separately from length of stay in 
pre-trial detention plus the length of incarceration. Juvenile detention is defined as “the short 
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term confinement of a minor who is alleged to have or found guilty of violating laws or 
ordinance and requires secure custody for the minor’s own or the community’s protection, 
pending disposition” (Illinois Criminal Justice Information Authority, 2010, para. 1). Juvenile 
police officers often utilize a screening instrument to determine whether or not to detain youth 
prior to their adjudication hearing and a detention hearing is held in which a judge determines if 
pretrial detention is necessary (Illinois Criminal Justice Information Authority, 2010). In cases 
where a youth has been charged with a very serious crime, the judge could impose a maximum 
stay of up to seventy days pretrial (Illinois Criminal Justice Information Authority, 2010). 
 Length of stay in the present study was calculated by subtracting the variable for exit date 
from the current admission date, to get the days served. This measure was analyzed as a 
continuous variable to determine the overall impact of length of stay on recidivism. The length of 
stay plus adjudication variable was calculated by summing up the length of stay (in days), with 
the variable that represented the total pre-adjudication detention time in days (used to calculate 
time already served), and also utilized as a continuous independent variable.  
  The largest proportions of releasees in this sample were incarcerated for violent (48%) 
and Class 2 (37%) felonies. Class 1 felonies accounted for 24 percent of the sample, and property 
offenses for 42 percent. Drug, sex and other offenses accounted for less than 15 percent of those 
included in the study. However, a large percentage of juveniles reported using substances. 
Specifically, 50 percent reported alcohol use, 77 percent reported marijuana use, and 10 percent 
a Substance I or II “hard” drug excluding marijuana (i.e., PCP, amphetamine, cocaine, heroin). 
These percentages might indicate that this population of releasees was in substantial need of 
  
40 
services and treatment for substance related issues, which could be tied to the first hypothesis 
regarding substance use and recidivism.    
 Analyses regarding criminal petitions (charges filed in court against youth) and criminal 
arrests from the IDJJ data indicated a median of 4.00 and 2.00, respectively. The median was 
used due to the positively skewed distribution (SD 4.7 and M 5.1 for prior petitions; SD 5.0 and 
M 3.5 for prior arrests) with a skew of 1.5 and 2.5, respectively. These two variables provide a 
preliminary and basic picture of the criminal history: approximately 85 percent of youth in the 
sample had at least one prior petition, and over one-half had at least one prior arrest, indicating a 
substantial criminal history background for this particular sample. Indeed this also alludes to 
potential problems with the data, considering it would not make sense for youth in the sample to 
have more petitions than arrests, because arrests can happen sporadically and frequently out in 
the community while petitions typically come later in the judicial process (i.e., in the pre-trial 
stage). On the other hand, probation officers—who work with the courts—have easy access to 
filed petitions when completing social history investigations prior to IDJJ commitments. Arrests, 
however, may be less readily available if not stored in a centralized database. With this in mind, 
prior arrests and prior violent arrests (obtained from the CHRI data) were also analyzed, and 
revealed a mean of three total prior arrests and a mean of 1.1 prior arrests for crimes of violence. 
The median was again used for reporting the prior arrests variable due to the slightly positive 
skew (2.2) (M 3.7 SD 3.4), while the mean was used for the prior violent arrest measure given its 
resemblance to a normal distribution. 
The median length of stay in IDJJ prior to initial release was 144 days, and the total time 
incarcerated increased to a median of 232 days when pre-adjudication detention time was 
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included. Again, given the large positive skew of 3.6 for length of stay (SD 179.1 and M 189.8) 
and 2.3 for length of stay plus custody (SD 237.6, M 302.0), median was used to report this 
statistic. Over half of the cohort studied had a medium-security classification level (54%) 
directly before release, followed by minimum-security level (34%). In addition, over 80% of 
youth were released to supervision rather than just discharged from IDJJ.  
   It appears that the length of stay (time spent in a facility only) is decreasing among 
individuals in Illinois Youth Centers. IDJJ’s last report stated that youth were typically spending 
5.6 months (171 days) in a facility (Rauner & Mueller, 2016). The authors noted that the time 
spent had decreased from the previous fiscal year, probably due to recent changes in policy that 
have mandated set aftercare terms for certain crimes, as well as the implementation of 
preliminary hearings and legal representation for parole violators to have their revocation cases 
heard more quickly (Rauner & Mueller, 2016). 
 The larger representation of more serious crimes in this sample might again account for 
IDJJ’s efforts and legislation in recent years to keep youth out of the system unless the 
seriousness of the crime warranted incapacitation. One such initiative, addressed in IDJJ’s 2016 
Annual Report, is for judges to divert juveniles with non-violent Class 4 offenses and certain 
drug crimes from custody along with the exclusion of misdemeanors from being committed to 
IDJJ (Rauner & Mueller, 2016). 
Table 9. Legal Characteristics of the Sample (N=1,502) 
 Variable Number Percent 
Total Criminal Petitions IDJJ (median)  4.00 
Total Criminal Arrests IDJJ (median)                 2.00 
Prior Arrests CHRI (median) 3.00 
Prior Violent Arrests CHRI (mean) 1.10 
Holding Offense Type     
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     Violent 725 48.2% 
     Property 626 41.7% 
     Drug 89 5.9% 
     Other 61 4.1% 
     Missing 1 0.1% 
Holding Crime Class     
     Murder 3 0.2% 
     Class X 79 5.3% 
     Class 1 353 23.5% 
     Class 2 557 37.1% 
     Class 3 235 15.6% 
     Class 4 221 14.7% 
     Misdemeanor 53 3.5% 
     Missing 1 0.1% 
Current Admission Type     
     Court Evaluation 201 13.4% 
     Court Evaluation Return 83 5.5% 
     Discharged and Recommitted  25 1.7% 
     Initial Commitment 720 47.9% 
     Parole Violator, New Sentence 107 7.1% 
     Technical Parole Violator 366 24.4% 
Last Individual Security Level     
     Maximum 123 8.2% 
     Medium 817 54.4% 
     Minimum 516 34.4% 
     Pending 46 3.1% 
Substance Use: Schedule I or II (excludes marijuana)   
    Yes 148 9.9% 
    No 1354 90.1% 
Exit Type   
    Discharged from Institution 250 16.6% 
    Released to Supervision 1252 83.4% 
Length of Stay in IDJJ  (median, days) 144.00 
Length of Stay (including IDJJ + pre-adjudication detention        
    time) (median, days) 231.50 
   
Dependent variable: Rearrest 
There are several ways of measuring recidivism. For the current research, recidivism was 
measured using a dichotomous variable indicating any rearrest and a dichotomous variable for 
any rearrest involving a crime of violence. Petty offenses relating to warrants and ordinance 
violations were excluded from the analyses. The follow-up period was approximately 2.7 years 
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(32 months) from when the CHRI data were generated and the release date from an IYC facility 
(the earliest date of release from this sample being July 2015). In order to account for the varying 
lengths of time at risk for recidivism (i.e., the days between their release and when the CHRI 
data are generated), a variable was computed to measure “days at risk” (how many days each 
juvenile was free to commit crime) and was included as a covariate. 
Analyses  
 
The present study utilized both bivariate and multivariate analyses to determine the 
relationships and influence of the independent variables on dependent outcomes. The order of 
these analyses started with a simple cross-tabulation between admission types (i.e., court 
commitments and technical parole violators) and other covariates in order to understand group 
differences between important predictor variables. From there, cross-tabulations were performed 
for YASI scores and other covariates to determine whether YASI scores were significantly 
related to legal and extra-legal youth characteristics. The last bivariate model consisted of cross-
tabulations between all independent variables and the dependent variables (one model for 
rearrest any offense and one model for rearrest violent offense).  
These cross-tabulations resulted in a chi square statistic, which allowed for a 
determination of the existence of a relationship between the admission types and youth 
characteristics. Chi Square was also used to explore the association between all other variables 
that were either categorical or ordinal (i.e., race, gender) and both recidivism and YASI scores. 
In addition, variables that met the criteria as interval or ratio levels of measurement (i.e., length 
of stay) were analyzed by using ANOVA and the F statistic. To further describe the bivariate 
relationships, Phi and Cramer’s V were used to determine the strength of association between the 
  
44 
independent and dependent variables—Phi for analyses where both variables had two categories 
and Cramer’s V when at least one of the variables had three or more categories. For the 
continuous data that was deemed normally distributed when running descriptive statistics (see 
Sample Characteristics), Pearson’s R was used, and for skewed variables, Spearman’s rho was 
used to measure the strength of the relationship.  
 Finally, separate multivariate models were created with and without YASI scores/risk 
levels to determine the differential influence of youth characteristics on recidivism with and 
without YASI scores/risk levels. Multivariate analysis allows the researcher to examine the 
influence of one variable on another in a more controlled environment. To clarify, the researcher 
can statistically control for other variables that may be having an effect on the DV, thereby 
alleviating spuriousness in the results. An acceptable range of error in most research is .05 (i.e., a 
95% level of confidence); this is what was used in the present study. Since the dependent 
variables are all dichotomous (i.e., 1=yes rearrest, 0=no rearrest) the appropriate regression 
technique is Binary Logistic Regression. 
Results and Findings 
 As discussed in the Introduction, previous research on juvenile recidivism has a number 
of areas that can be improved. Additionally, the scarcity of systematic research on the degree to 
which risk assessment tools are being used to predict recidivism and target treatment in youth 
samples is even more disconcerting, considering the sheer number of correctional institutions 
and agencies that have claimed to use these evidence-based practices to achieve better outcomes. 
The present study takes deliberate steps to avoid such issues with the IDJJ data. To expand, 
Tables (11-22) in the following section illustrate the results from bivariate analyses regarding 
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YASI scores, and—importantly— the rearrest dependent variables to find which variables may 
be of importance in discussing characteristics strongly associated with YASI data and likelihood 
of recidivism. The multivariate analysis provides a more accurate picture of how YASI and other 
covariates influence recidivism.  
Bivariate results 
 Recall that one of the goals of this research was to include all admission types in the 
study sample so that this important measure could be separately analyzed in comparison to other 
covariates as well as to the dependent rearrest variables. Many legal and extra-legal variables 
were found to have a significant relationship with admission type (court commitments and 
technical parole violations). Some notable differences between the admission types in relation to 
other co-covariates suggest that technical parole violators had higher percentages of older (over 
18) (F= 304.71, p < .001) and maximum-security youth (X
2
=176.93, 3df, p < .001) when 
compared to the court commitment population. The strength of the relationships for admission 
age and last security level is strong (Cramer’s V= .411 and .343, respectively). Admission type 
was also significantly and strongly associated with length of stay (F= 3.73, p < .05) such that 
technical parole violators (TPVs) spent slightly shorter lengths of time incarcerated than for the 
new court commitments, although, the relationship was relatively weak (rho= -.172, p < .001).  
 Further, mean arrests and petitions (IDJJ data) were higher for technical parole violators 
than court admissions, and technical parole violators also represented higher averages of prior 
arrests and violent arrests (CHRI data). The strength of the relationships between criminal 
history measures and admission type ranged from low to moderate.  This finding in particular 
suggests more extensive criminal histories for the TPV group.   
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Table 10. Bivariate Comparisons of Admission Types and Youth Characteristics  
 Variable New court 
commitments 
(n=1,136) 
Technical Parole 
Violators 
(n=366) 
Total 
(N= 1,502) 
 
Average Age at Release 
   
        16.9                        18.2                      17.2    
     (F= 304.71, p <.001, r = .411, p <.001)  
Gender                                                                       X
2
 = .00, df = 1, Phi = 0, p = .989 
     Male                                                                                    75.6%                     24.4%                  100% 
     Female                                                                          75.6%                     24.4%                  100% 
     Total         75.6%                     24.4%                  100% 
Race  X
2
= 11.08, df= 3, Cramer’s V= .086, p < .05 
     White 73.1% 26.9% 100% 
     Black 82.9% 17.1% 100% 
     Hispanic 78.3% 21.7% 100% 
     Asian 75.6% 24.4% 100% 
     Total  75.6%                      24.4% 100% 
Last Security Level  X
2
= 176.93, df= 2, Phi= .343, p < .01 
     Maximum + Medium 68.7% 32.2% 100% 
     Minimum 94.0% 6.0% 100% 
     Pending 30.4% 69.6% 100% 
     Total 75.6% 24.4% 100% 
Committing County X
2
= 14.06, df= 3, Cramer’s V= .097, p < .05 
     Cook County 71.3% 28.7% 100% 
     Collar County 80.2% 19.8% 100% 
     Other Metro Area 77.0% 23.0% 100% 
     Rural Area 82.3% 17.7% 100% 
     Total 75.6% 24.4% 100% 
Substance Use: Schedule I or II X
2
= .309, df= 1, Phi= .014, p = .579 
     Yes 75.8% 24.2% 100% 
     No 73.6% 26.4% 100% 
     Total 75.6% 24.4% 100% 
Exit Type X
2
= 8.36, df= 1, Phi= .075, p < .01 
     Discharged from Institution 82.8% 17.2% 100% 
     Released to Supervision 74.2% 25.8% 100% 
     Total 75.6% 24.4% 100% 
Length of Stay                                                                    189.9                      175.1                   190.9 
     (F= 3.73, p < .05, rho= -.172, p < .001) 
Length of Stay (including IDJJ + pre- 
 
302.3                    
 
    301.1 
 
     302.0 
      Adjudication) (median, days)    
      (F= .007, p = .932, rho= -.067, p < .01)  
Offense Type X
2
= 5.45, df= 1, Phi= .06, p < .05 
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      Violent 78.5% 21.5% 100% 
      Non-Violent 73.3% 26.7% 100% 
      Total 75.6% 24.4% 100% 
Crime Class                                                             X
2
= 11.85, df= 2, Cramer’s V= .089, p < .01 
      Murder + Class X, 1 + 2                                            76.4%                      23.6%                  100% 
      Class 3 + 4                                                                 71.9%                      28.1%                  100% 
      Misdemeanor                                                             92.5%                      7.5%                    100% 
      Total                                                                           75.6%                      24.4%                  100% 
Total Criminal Petitions IDJJ 4.7 6.6 5.1 
     (F= 43.72, p < .001, rho= .165, p < .001)    
Total Criminal Arrests IDJJ     
     (F= 6.61, p = .01, rho= .103,  p < .001) 
Prior Arrests CHRI                        
     (F= 29.89, p < .001, rho= .180, p < .001) 
Prior Violent Arrests CHRI    
     (F= 22.36, p < .001, r= .121, p < .001) 
 
3.3 
 
3.4 
 
          1.0 
 
4.1 
 
4.6 
 
            1.4 
3.5  
 
3.7 
 
       1.1 
 
YASI Prescreen scores (low, moderate, high) were used for the bivariate analyses given it 
was the most complete data provided. Tables 11- 18 display results for extra-legal and legal 
variables and YASI Prescreen Overall scores, Protective scores, Legal Risk scores, and Social 
Risk scores. As described earlier, the Prescreen is administered to youth admitted to IDJJ in 
order to quickly and efficiently determine a risk level based on factors known to be most 
associated with recidivism (i.e., antisocial associates, criminal history). No scores of “low” on 
the Legal History Risk domain were reported for the sample.  
Regarding the Overall scores (displayed in Table 11 below), significant relationships 
were found for all variables (except age at exit, substance use, admission type, exit type, or 
length of stay plus adjudication); however, strength of the associations and Overall scores was 
fairly weak. Interestingly, higher scores were associated with shorter lengths of stay (F= 4.10, p 
< .05), which is also reflected in other YASI Prescreen risk domains (displayed in following 
Tables). Also, Collar counties represented larger percentages of high scores than did any other 
county (including Cook) (X
2
 = 13.04, 6df, p < .05), which as alluded to earlier describes the 
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changing demographics of those admitted to IDJJ. Again, the associations were very weak (rho= 
-.024, p < .05 and Cramer’s V = .093, respectively) so one cannot make any definitive 
assumptions based on the current data.   
Table 11. Bivariate Comparisons of YASI Overall Prescreen Risk/Protective Levels and 
Covariates 
 
Variable                 Low             Moderate          High                 Total 
                             (n= 4)            (n= 125)         (n=631)          (N= 760) 
Average Age at Release    18.3    17.6     17.4    17.4 
     (F= 1.58, p = .208 r = -.057, p = .118)       
Gender      X
2
 = 6.68, df = 2, Cramer’s V = .094, p < .05 
    Male      0.6%  15.6%  83.9%  100% 
    Female     0.0%  29.8%  70.2%  100% 
    Total      0.5%  16.4%  83.0%  100% 
Race     X
2 
=13.61, df = 6, Cramer’s V = .095, p < .05 
     Black      0.6%  15.7%  83.6%  100% 
     Hispanic     0.9%  10.1%  89.0%  100% 
     White     0.0%  22.4%  77.6%  100% 
     Asian     0.0%  100%  0.0%  100% 
     Total     0.5%  16.4%  83.0%  100% 
Committing County    X
2
 = 13.04, df =6, Cramer’s V = .093, p < .05 
     Cook     0.5%  13.4%  86.1%  100% 
     Collar     0.0%  3.1%  96.9%  100% 
     Other Metro     0.4%  19.5%  80.1%  100% 
     Rural      0.8%  23.4%  75.8%  100% 
          Total      0.5%  16.4%  83.0%  100% 
Admission Type   X
2
 = .350, df =2, Cramer’s V = .021, p = .839 
          Court Commitment    0.6%  16.9%  82.5%  100%  
          Technical Parole Violator   0.4%  15.4%  84.2%  100% 
      Total     0.5%  16.4%  83.0%  100% 
Last Security Level   X
2
 = 9.41, df = 4, Cramer’s V= .079, p = .05 
          Maximum + Medium    0.2%                  14.9%  84.9%  100% 
          Minimum     0.8%  20.1%  79.1%  100% 
          Pending     3.3%  13.3%  83.3%  100% 
          Total     0.5%  16.4%  83.0%  100% 
Substance Use: Schedule I or II  X
2
 = .831, df = 2, Cramer’s V= .033, p = .66 
          Yes      0.0%  13.3%  86.7%  100% 
          No      0.6%  16.7%  82.7%  100% 
      Total     0.5%  16.4%  83.0%  100% 
Exit Type    X
2
 = 3.14, df = 2, Cramer’s V= .064, p = .208 
          Discharged from Institution   0.0%  12.6%  87.4%  100% 
      Released to Supervision   0.7%  17.4%  81.9%  100% 
      Total     0.5%  16.4%  83.0%  100% 
Length of Stay 
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      (F= 4.10, p < .05, rho= -.024, p < .05) 205.8  199.4  157.1  164.3 
Length of Stay (including  
         IDJJ + pre-adjudication detention         336.8  291.4  265.0  269.8 
         time) (median, days)  
   (F= .962, p= .382, rho= -.01, p= .722) 
 
  Some significant relationships were also found between Overall scores and legal and 
criminal history covariates. Most notable were the statistically significant relationships found 
between Overall scores and criminal petitions (F= 11.36, p < .001), as well as Overall scores and 
prior arrests (CHRI) (F= 10.75, p < .001). Specifically, the CHRI prior arrests measure indicated 
an average of 3.9 prior arrests for youth with high scores, compared to 1.5 priors for youth with 
low scores (although the strength of the relationship was low-to-moderate with rho= .185, and p 
< .001). Just as longer criminal histories were positively correlated with high scores, so was 
offense type and Overall scores (X
2
 = 10.95, 2df, p < .01) such that youth charged with violent 
crimes were more likely to have higher scores (87%) compared to youth charged with non-
violent crimes (80%) (Cramer’s V=.12).  
Table 12. Bivariate Comparisons of YASI Prescreen Overall Risk/Protective Levels on Offense 
and Criminal History Measures 
 
Variable          Low          Moderate                High  Total 
                                                                               (n= 4)            (n= 125)             (n=631)        (N= 760) 
Offense Type    X2 = 10.95, df =2, Cramer’s V = .12, p < .01 
          Violent     0.9%  11.8%  87.3%  100% 
          Non-violent     0.2%  20.3%  79.5%  100% 
      Total     0.5%  16.4%  83.0%  100% 
Crime Class    X2 = 1.59, df =4, Cramer’s V = .032, p = .81 
          Murder, Class X, 1 +2   0.4%  17.3%  82.35  100% 
     Class 3 + 4      0.8%  15.3%  83.9%  100% 
          Misdemeanor    0.0%  12.1%  87.9%  100% 
          Total     0.5%  16.4%  83.0%  100% 
 
Total Criminal Petitions IDJJ   5.5  3.3  5.4  5.1 
          (F= 11.36, p < .001, rho= .192, p < .001) 
Total Criminal Arrests IDJJ   1.5  2.8  3.7  3.6 
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          (F= 2.77, p = .063, rho= .115 p = .001) 
Prior Arrests CHRI     1.5  2.6  3.9  3.7 
          (F= 10.75, p < .001, rho= .185, p < .001) 
Prior Violent Arrests CHRI    1.0  0.8  1.2  1.1 
          (F= 4.84, p < .01, r= .108, p < .01) 
 
Statistically significant relationships between Protective scores and release age, 
committing county, and admission type were evident. Specifically, there was a significant 
relationship between release age and YASI protective scores (F= 3.76, p < .05) although the 
association was quite weak (r = -.06, p = .101). The mean age of youth with high protective 
scores was 16.6 year olds, compared to 17.4 year olds associated with moderate scores and 17.5 
for low scores. The finding may speak to the fact that protective factors vary by age, and seem to 
be more available to younger youth, which substantiates the need to intervene early and 
capitalize on younger youth’s protective assets. This could also speak to findings in recent 
literature that dynamic factors change and wane over time (although this seems to be implied 
only in dynamic risk rather than protective assets). 
Table 13. Bivariate Comparisons of YASI Prescreen Protective Levels and Covariates 
 
Variable     Low  Moderate High  Total 
                  (n=508)             (n=237)   (n=15)          (N=760) 
 
Average Age at Release    17.5  17.4    16.6    17.4 
     (F= 3.76, p < .05, r = -.06, p = .101)       
Gender      X2 = 2.00, df = 2, Cramer’s V= .051, p = .368 
    Male      62.7%  30.7%  2.1%  100% 
    Female     61.7%  38.3%  0.0%  100% 
    Total      66.8%  31.2%  2.0%  100% 
Race     X2 =2.83, df = 6, Cramer’s V = .043, p = .830 
     Black      66.3%  31.2%  2.5%  100% 
     Hispanic     70.6%  28.4%  0.9%  100% 
     White     65.8%  32.9%  1.2%  100% 
     Asian     100%  0.0%  0.0%  100% 
     Total     66.8%  31.2%  2.0%  100% 
Committing County    X2 = 12.66, df =6, Cramer’s V = .091, p < .05 
     Cook     70.0%  29.2%  0.8%  100% 
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     Collar     75.0%  21.9%  3.1%  100% 
     Other Metro     66.2%  30.7%  3.0%  100% 
     Rural      56.5%  40.3%  3.2%  100% 
          Total      66.8%  31.2%  2.0%  100% 
Admission Type   X2 =  9.18, df = 2 , Cramer’s V = .11, p = .01 
          Court Commitment     63.9%  33.5%  2.7%  100%  
          Technical Parole Violator   73.5%  26.1%  0.4%  100% 
          Total     66.8%  31.2%  2.0%  100% 
Last Security Level   X2 = 4.28, df = 4, Cramer’s V= .075, p = .369  
          Maximum + Medium   66.2%  31.6%  2.2%  100% 
          Minimum     66.1%  32.2%  1.7%  100%  
      Pending     83.3%  16.7%  0.0%  100% 
          Total     66.8%  31.2%  2.0%  100% 
Substance Use: Schedule I or II  X2 = 1.41, df = 2, Cramer’s V= .043, p = .494 
          Yes      70.0%  30.0%  0.0%  100% 
          No      66.6%  31.3%  2.1%  100% 
        Total     66.8%  31.2%  2.0%  100% 
Exit Type    X2 = .00, df = 2, Cramer’s V= .001, p = 1.0 
          Discharged from Institution   66.9%  31.1%  2.0%  100% 
     Released to Supervision   66.8%  31.2%  2.0%  100% 
      Total     66.8%  31.2%  2.0%  100% 
Length of Stay 
      (F= 1.733, p = .17, rho= .083, p < .05) 157.3  176.9  202.5  164.3 
Length of Stay (including  
           IDJJ + pre-adjudication detention        265.2  277.1  307.1  269.7 
           time) (median, days)  
     (F= .468, p= .627, rho= .016, p= .652) 
 Few of the legal or criminal history variables were significantly related to Protective 
scores. There was a significant, but weak (Cramer’s V = .118) relationship found for offense 
class and Protective scores  (X
2
 = 21.21, 3df, p < .05). Expressly, youth with misdemeanor 
convictions (73%) were more likely to have low protective scores compared to Class 2 and 
higher convictions (67%) or Class 3 and 4 convictions (64%). In contrast, youth were more 
likely to have moderate scores for protective assets when they were charged with felonies. This 
is interesting because it speaks to the fact that even for those who have committed serious crimes 
of violence, they at least have some protective factors in their life to serve as rehabilitative tools.  
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Table 14. Bivariate Comparisons of YASI Prescreen Protective Levels on Offense and Criminal 
History Measures 
 
Variable          Low   Moderate High  Total 
                 (n=508)  (n=237)           (n=15)            (N=760) 
Offense Type    X2 = 1.14, df =2, Cramer’s V = .039, p = .556 
          Violent     68.2%  29.5%  2.3%  100% 
          Non-Violent     65.7%  32.6%  1.7%  100% 
      Total     66.8%  31.2%  2.0%  100% 
Crime Class    X2 = 21.21, df =3, Cramer’s V = .118, p < .05 
          Murder, Class X, 1 + 2   67.4%  30.5%  2.1%  100% 
          Class 3 + 4     64.9%  33.5%  1.6%  100% 
          Misdemeanor     72.7%  24.2%  3.0%  100% 
      Total     66.8%  31.2%  2.1%  100% 
 
     Total Criminal Petitions IDJJ   5.3  4.8  3.2  5.1 
          (F= 2.07, p = .127, rho= - .084, p < .05) 
     Total Criminal Arrests IDJJ   3.7  3.2  3.7  3.6 
          (F= 1.22, p = .001, rho= -.042 p = .246) 
     Prior Arrests CHRI     3.8  3.6  2.1  3.7 
          (F= 2.41, p = .091, rho= -.094, p = .106) 
     Prior Violent Arrests CHRI     1.1  1.1  0.6  1.1     
      (F= 1.05, p = .349, r= -.036, p = .317) 
Significant and non-significant relationships for YASI Prescreen Legal Risk and youth 
characteristics are illustrated in Table 15. Among the covariates, committing county (X
2
 = 12.88, 
3df, p < .001) was most strongly (Cramer’s V = .188) associated with Legal Risk such that 87 
percent of youth from Cook County had high risk scores, similar to youth from Collar counties 
(84%). Race was also moderately associated with high Legal Risk scores (X
2 
=24.97, 3df, p < 
.001) (Cramer’s V = .181), with 85% of Black youth having a high risk score, similar to  
Hispanics  (84% having a high Legal Risk score). Gender was also statistically significant, (X
2
 = 
24.59, 1df, p < .001), in that males were more likely than females to have high Legal Risk scores 
(83% and 53% respectively), but the strength of the relationship was relatively weak  (Phi = -.18, 
p < .001).  
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Table 15. Bivariate Comparisons of YASI Legal Risk Levels and Covariates 
Variable             Moderate              High                 Total 
           (n=146)       (n=614)           (N=760) 
Average Age at Release                  17.4         17.4       17.4 
     (F= .048, p= .826 r = .008, p = .826)       
Gender     X2 = 24.59, df = 1, Phi = -.18, p < .001 
    Male             17.4%  82.6%  100% 
    Female            46.8%  53.2%  100% 
    Total             19.2%  80.0%  100% 
Race     X2 =24.97, df = 3, Cramer’s V = .181, p < .001 
     Black             15.3%  84.7%  100%  
     Hispanic            16.5%  83.5%  100%  
     White            32.9%  67.1%  100% 
     Asian            0.0%  100%  100% 
     Total           19.2%  80.0%  100% 
Committing County    X2 = 12.88, df =3, Cramer’s V = .188 p < .001 
     Cook            12.9%  87.1%  100% 
     Collar            15.6%  84.4%  100% 
     Other Metro            22.5%  77.5%  100% 
     Rural             33.1%  66.9%  100% 
          Total             19.2%  80.0%  100% 
Admission Type   X2 = 5.68, df =1, Phi = .086, p < .05 
          Court Commitment            21.5%  78.5%  100% 
          Technical Parole Violator           14.1%  85.9%  100% 
          Total            19.2%  80.8%  100% 
Last Security Level   X2 = 9.44, df = 2, Cramer’s V= .086, p < .05       
          Maximum + Medium           17.3%  82.7%  100% 
      Minimum             23.4%  76.6%  100% 
          Pending            16.7%  83.3%  100% 
          Total            19.2%  80.8%  100% 
Substance Use: Schedule I or II  X2 = 4.88, df = 1, Phi= -.08, p < .05 
          Yes           18.3%  81.7%  100% 
          No           30.0%  70.0%  100%  
      Total          19.2%  80.0%  100% 
Exit Type    X2 = .215, df = 1, Phi= -.02, p = .643 
          Discharged from Institution         17.9%  82.1%  100% 
      Released to Supervision        19.5%  80.5%  100%  
      Total          19.2%  80.0%  100% 
Length of Stay       
      (F= 4.23, p < .05, rho= -.028, p = .434)      187.7  158.8  164.3  
Length of Stay (including  
           IDJJ + pre-adjudication detention        
           time) (median, days)         288.9  265.1  269.7 
          (F= 1.42, p = .234, rho= .001, p < .988) 
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Most noteworthy about the Legal Risk domain was its strong association with criminal 
petitions (F=52.13, p < .001) (rho= .298) such that the mean number of criminal petitions was 
5.7 for high-risk youth, compared to 2.7 for moderate risk youth. There was also a significant 
and moderate relationship found between Legal Risk and CHRI prior arrests (F=22.83, p < .001) 
(rho= .233), again indicating that extensive criminal histories correlate positively with high legal 
risk scores. Similarly, a significant and moderate relationship for legal risk and offense type was 
found (X
2
 = 27.79, 1df, p < .001). Specifically, this weak-to-moderate relationship (Phi = -.184, p 
< .001) between offense types and YASI scores suggests that youth with violent offenses were 
more likely to have high scores (approx. 90%) compared to high risk youth with non-violent 
offenses (74%). Of all the YASI domains, Legal Risk was associated with more criminal history 
measures than any of the other Prescreen domains (excluding Overall risk levels). One may infer 
that YASI is indeed—at least regarding the Legal Risk domain items—internally valid as the 
items are targeting factors that they are supposed to target. If true, this is consistent with the 
recent literature from Skeem and colleagues (2017) inferring the strong construct validity of 
Legal Risk.  
Table 16. Bivariate Comparisons YASI Legal Risk Levels on Offense and Criminal History 
Measures 
 
Variable         Moderate                    High      Total 
               (n=146)                  (n=614)            (N=760) 
Offense Type    X2 = 25.79, df =1, Phi = - .184, p < .001 
          Violent      11.3%   88.7%  100% 
          Non-Violent      25.8%   74.2%  100% 
      Total      19.2%   80.8%  100% 
Crime Class    X2 = 1.51, df =2, Cramer’s V = .045, p = .47 
          Murder, Class X, 1 + 2    18.6%   81.4%  100%  
          Class 3 + 4      19.4%   80.6%  100% 
          Misdemeanor      27.3%   72.7%  100% 
          Total      19.2%   80.8%  100% 
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Total Criminal Petitions IDJJ    2.7   5.7  5.1 
          (F= 52.13, p < .001, rho= .298, p < .001) 
Total Criminal Arrests IDJJ    2.0   3.9  3.6 
          (F= 20.73, p < .001, rho= .191, p < .001) 
Prior Arrests CHRI      2.6   4.0  0.6 
          (F= 22.83, p < .001, rho= .233, p < .001) 
Prior Violent Arrests CHRI     0.6   1.3  1.1 
          (F= 25.18, p < .001, r = .179, p < .001) 
 
The bivariate analyses between Social Risk and other covariates in the model yielded 
mainly non-significant results (Table 17). Still, age at exit was a notable finding (although weak 
correlation of r = -.105) in that slightly younger youth (average age 17.4) at their release date 
were more likely to be high risk compared to youth (average age 17.8) with low risk scores  (F= 
4.24, p < .05). Similar to the results in the YASI Prescreen Overall, length of stay (F=3.48, p < 
.05) was significantly related with Social Risk scores such that lengths of stay were slightly 
shorter for those in the high risk category (155 days or 5 months), compared to youth with 
moderate risk scores (185 days or 6 months) and low risk scores (200 days or 6.5 months). This 
finding appears to be counterintuitive seeing as longer lengths of stay would make more sense if 
they were associated with higher risk individuals. The strength of the relationship, however, was 
negligible (rho= -.058 p= .107). Race and gender did not have a statistically significant 
relationship with Social Risk. An explanation for this could be that these variables are static and 
thus it would make sense for them to not be significantly associated with social/dynamic 
domains.  
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Table 17. Bivariate Comparisons of YASI Prescreen Social Risk Levels and Covariates 
Variable     Low  Moderate High             Total 
                   (n=16)                (n=207)           (n=537)         (n=760) 
Average Age at Release    17.8    17.7    17.4   17.4 
     (F= 4.24, p < .05, r = -.105, p = .004)       
Gender      X2 = 1.18, df = 2, Cramer’s V = .039, p = .556 
     Male     2.2%  27.1%  79.7%  100% 
     Female     0.0%  29.8%  70.2%  100% 
     Total     2.1%  27.2%  70.7%  100% 
Race     X2 = 8.84, df = 6, Cramer’s V = .076, p = .183 
     Black      2.0%  28.0%  69.9%  100% 
     Hispanic     0.9%  19.3%  79.8%  100% 
     White     3.1%  29.8%  67.1%  100% 
     Asian     0.0%  100%  0.0%  100% 
     Total     2.1%  27.2%  70.7%  100% 
Committing County    X2 = 7.56, df =6, Cramer’s V = .071, p = .269 
     Cook     1.1%  27.1%  71.8%  100% 
     Collar     0.0%  18.8%  81.3%  100% 
     Other Metro     3.0%  27.7%  69.3%  100% 
     Rural      4.0%  29.0%  66.9%  100% 
          Total      2.1%  27.2%  70.7%  100% 
Admission Type   X2 = 1.027, df =2, Cramer’s V = .037, p = .598 
          Court Commitment     2.1%  28.3%  69.6%  100%  
      Technical Parole Violator    2.1%  24.8%  73.1%  100% 
          Total     2.1%  27.2%  70.7%  100% 
Last Security Level   X2 = 8.17, df = 4, Cramer’s V= .073, p = .085 
          Maximum + Medium   1.2%  25.5%  73.3%  100% 
          Minimum      3.8%  30.5%  65.7%  100% 
          Pending     3.3%  30.0%  66.7%  100% 
          Total     2.1%  27.2%  70.7%  100% 
Substance Use: Schedule I or II  X2 = 4.39, df = 2, Cramer’s V= .076, p = .112 
          Yes      2.3%  28.0%  69.7%  100% 
          No      0.0%  18.3%  81.7%  100% 
      Total     2.1%  27.2%  70.7%  100% 
Exit Type    X2 = 2.89, df = 2, Cramer’s V= .062, p = .235 
          Discharged from Institution   1.3%  22.5%  76.2%  100% 
      Released to Supervision   2.3%  28.4%  69.9%  100% 
      Total     2.1%  27.2%  70.7%  100% 
Length of Stay 
      (F=3.48, p < .05, rho= -.058 p= .107)  200.1  185.9  154.9  164.3 
Length of Stay (including  
          IDJJ + pre-adjudication detention        259.4  285.4  264.0  269.7 
          time) (median, days)  
     (F= .732, p= .481, rho= -.04, p= .29) 
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 There are ultimately no legal or criminal history variables of interest from the bivariate 
analyses on Social Risk scores. Again, the explanation for the lack of significant and/or weak 
findings could be that Social Risk characteristics are not meant to evaluate youth on legal 
aspects, but rather factors involving family and peer issues, as well as potential antisocial 
attributes.  
Table 18. Bivariate Comparisons YASI Prescreen Social Risk Levels on Offense and Criminal 
History Measures 
 
Variable          Low   Moderate High  Total 
      (n=16)                (n=207)           (n=537)         (n=760) 
Offense Type    X2 = 1.98, df =2, Cramer’s V = .051, p = .371 
          Violent     1.7%  25.1%  73.1%  100% 
          Non-Violent     2.4%  29.0%  68.6%  100% 
      Total     2.1%  27.2%  70.7%  100% 
Crime Class    X2 = 4.57, df =4, Cramer’s V = .055, p < .355 
          Murder, Class X, 1 + 2   2.1%  29.4%  68.5%  100% 
      Class 3 + 4     2.0%  24.6%  73.4%  100% 
          Misdemeanor     3.0%  15.2%  81.8%  100% 
          Total     2.1%  27.2%  70.7%              100% 
 
Total Criminal Petitions IDJJ   2.7  4.7  5.3  5.1 
          (F= 3.33, p < .05, rho= .084, p < .05) 
Total Criminal Arrests IDJJ   1.0  3.4  3.7  3.6 
          (F= 2.83, p = .06, rho= .076 p < .05) 
Prior Arrests CHRI     1.8  3.2  4.0  3.7 
          (F= 7.95, p < .001, rho= .120, p = .001) 
Prior Violent Arrests CHRI   0.6  0.9  1.2  1.1 
     (F= 3.69, p < .05, r= .098, p < .01) 
In the final sequence of bivariate analyses, results from cross-tabulations between youth 
characteristics and recidivism are displayed in Tables 19-22 below. As described earlier, 
recidivism was calculated as a rearrest for any offense (excluding petty offenses such as 
ordinance violations and issuances of warrants) and rearrest for any violent crime. 
Approximately 76% of the sample was rearrested for any offense, and 38% for a violent offense. 
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This number is lower than some other previous studies on youth recidivism that  have reported a 
higher rate of re-arrests for any offense (approx. 90%) regarding youth released from a full 
delinquency commitment.  The percentage was even larger for court evaluations (Bostwick, 
Boulger & Powers, 2013).  
Using bivariate analyses, significant relationships were found between rearrest/violent 
rearrest and several predictor variables. The strongest relationships were found for committing 
county and violent recidivism (X
2
 = 61.24, 3df, p < .001) with moderate strength (Cramer’s V= 
.202). Regarding committing county, those committed from Collar counties had violent crime 
recidivism rates of 50%, compared to 46% among youth committed from Cook County. The 
rates were lower—but not negligible—for youth admitted from other metropolitan or rural 
counties. Again, this may speak to the IDJJ’s changing demographics and suggests the need for   
further analyses into the variance in recidivism rates for youth based on their committing/release 
county.  
 Race was also found to be statistically related to new arrest and new violent arrest (X
2 
=44.74, 3df, p < .001 and X
2 
=50.53, 3df, p < .001, respectively) but had a relatively weak 
Cramer’s V for both outcome variables (.173 to .183, respectively). For both categories of 
rearrest, Black youth were most likely to recidivate, followed by Hispanic youth. The finding 
regarding Black youth is concurrent with the existing literature, in which they are more likely to 
fall into  the Serious-Chronic-Violent population and score high on risk assessment tools, which 
makes sense given the systemic issues they often face in their home and external environments. 
 Admission Type was also found to have a significant relationship with the rearrest and 
rearrest for a violent offense variables (X
2
 = 6.95, 1df, p < .05 and X
2
 =6.52, 1df, p < .05, 
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respectively). Technical parole violators were most likely to reoffend (91% rearrest for any crime 
and 46% for a new arrest involving a violent crime) compared to new court commitments (81% 
rearrest and 43% violent rearrest) although the positive association was weak (Cramer’s V = .068 
and .066, respectively). The length of stay continuous variables also had a negative relationship 
to any rearrest (F=33.61, p < .001), such that the average length of stay for those that were 
rearrested for any offense was 176.9 days (6 months) versus 237.9 days (8 months) for those not 
rearrested. Again, the strength of the association was weak (rho= -.082, p < .01). The length of 
stay plus custody interaction with recidivism closely resembled that of length of stay. 
 When referring back to Table 10, findings indicated in the cross-tabulations between 
admission type and other covariates that TPVs consisted of older youth with shorter lengths of 
stay. One could infer then that TPVs have more time in the community to re-offend given their 
shorter lengths of stay compared to initial commitments. Perhaps court commitments have the 
lowest recidivism rates because youth are given a longer period both to be closely monitored and 
to receive treatment and services while incarcerated, while at the same time not necessarily being 
exposed to environmental risks as opposed to TPV youth. TPV youth, who were found to be 
higher risk (Table 10) than court commitments, may have been better served in a residential 
placement or intensive outpatient treatment.   
 YASI Prescreen data were more complete and thus analyzed along with Full Assessment 
domain variables in order to capture a more detailed picture of YASI scores and recidivism. Of 
the YASI Prescreen scores, only Legal Risk was found to have a significant relationship with 
both of the recidivism measures. Youth who scored high on the Legal Risk Prescreen were 
approximately ten percent more likely to recidivate (42%) than those with moderate scores 
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(33%) in the condition that the re-offense was violent (5.47, 1df, p <  .05) but the strength of the 
relationship was small (Phi = .085). Another YASI variable that was found to be statistically 
significant to violent recidivism was the Dynamic Protective domain (X
2
 = 9.39, 2df, p < .01). 
Specifically, the violent recidivism rate was 28% for youth with high/very high protective scores, 
compared to 52% for youth with low/low moderate risks, although the strength of the association 
was relatively weak (Cramer’s V= .162).  
 Among the YASI Full Assessment scores, Dynamic Risk was statistically related to both 
rearrest and violent rearrest (X
2 
= 10.44, 2df, p < .01and X
2 
=5.86, 2df, p = .05, respectively). To 
extrapolate, moderate/high risk youth had the highest rates of recidivism in that they were almost 
20 percent more likely than low/low moderate risk youth to recidivate (new arrest), but the 
results indicated a fairly weak strength of that relationship (Cramer’s V= .175). Regarding new 
arrest for a violent offense, high/very high risk youth again had the highest rates of recidivism 
(46%) compared to more moderate risk (40%) and low risk (28%) youth. Again, the strength of 
the association was weak (Cramer’s V= .129).  
Overall, high Static and Dynamic risk scores on the YASI Prescreen and Full Assessment 
indicated greater likelihoods of new arrest and new arrest for violent offenses. At the same time, 
youth scoring high on the Dynamic Protective domain appeared to have had a decreased 
likelihood of violent rearrest. Perhaps this finding provides support for the research on resiliency 
and external social supports that protective assets are just as important in reducing recidivism as 
risk factors; indeed, they are “items that reduce the risk of re-offending” (Shepherd, Luebbers & 
Ogloff, 2016, p. 863).  However, considering just one Protective domain was significantly 
related to recidivism in the current sample, this is a cautious interpretation of the results. Future 
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research should take a closer look into the interaction between risk and protective factors more 
closely (i.e., whether protective scores “mitigate” the presence of risk factors).  
It should be noted that the substance use (“Schedule I or II”) variable had no relationship 
or a very weak relationship with both general recidivism and violent recidivism. Considering 
there is a great deal of literature to support the harmful effect of using substances in regard to 
future criminality (Friedman & Terras, 1999; Cottle, Lee & Heilburn, 2001; Stoolmiller & 
Blechman, 2005) it was a surprise that the variable did not have a significant relationship with 
the recidivism outcomes in this sample. There may be several postulations for why this was. 
First, as Friedman and Terras (1999) and Cottle, Lee & Heilbrun (2001) found in their analyses 
of substance abuse and recidivism, substance use was significantly related to recidivism, but only 
indirectly through other dynamic risk factors like antisocial peers and free use of leisure time.  
Second, it has been shown that—in aggregate—younger youth prefer inhalants as their drug of 
choice, compared to marijuana and even opioids for older youth (National Institute of Drug 
Abuse, 2014). This is predictable considering younger youth may have easier access to inhalants 
versus opioids; they also may use inhalants and alcohol as a gateway drug into other substances. 
How it relates to the finding here is that the substance use variable of interest is looking at “hard 
drug” usage (i.e., heroin, PCP, amphetamines) and since the mean age of youth released from 
IDJJ are younger than 18, it could be that this variable would be better suited for assessing a 
sample of older youth in relation to recidivism.  
Perhaps another reason for the non-significant findings may be that the substance variable 
used in this research was not looking at more severe drug usage, such as those rising to the level 
of a clinical diagnosis. The DSM-V provides a diagnosis for individuals with substance use 
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disorders who exhibit “recurrent use of alcohol and/or drugs that causes clinically and 
functionally significant impairment” (“Substance Abuse Disorders,” 2017, para. 1). Many 
individuals who meet this definition commit drug-related crimes in order to continue their drug 
habit. Perhaps a substance abuse disorder variable may be a more robust measure of recidivism 
than merely a variable assessing whether the youth used certain drugs.   
Table 19. Bivariate Comparison of Recidivism and Independent Measures 
Variable No recidivism 
(n=1,142)  
Recidivism 
(n=360) 
Total  
(N=1,502) 
Average Age at Release            17.2                                   17.3                        17.2 
       (F= 1.52, p = .217 r = .032, p = .217) 
Gender X2 =11.67, df = 1, Phi = -.088, p <. 01 
      Male 23.0% 77.0% 100% 
      Female 38.9% 61.1% 100% 
      Total 24.0% 76.0% 100% 
Race  X2 =44.74, df = 3, Cramer’s V = .173, p < .001 
      Black 19.4% 80.6% 100% 
      Hispanic 23.8% 76.2% 100% 
      White 37.7% 62.3% 100% 
      Asian 50.0% 50.0% 100% 
      Total 24.0% 76.0% 100% 
Committing County                             X2 = 54.06, df =3, Cramer’s V = .190, p < .001 
      Cook 16.6% 83.4% 100% 
      Collar 13.2% 86.8% 100% 
      Other Metro 30.1% 69.9% 100% 
      Rural 35.5% 64.5% 100% 
      Total 24.0% 76.0% 100% 
Admission Type                                   X2 = 6.95, df =1, Phi = .068, p < .05 
     Court Commitment 25.6% 74.4% 100% 
     Technical Parole Violator 
     Total 
18.9% 
24.0% 
81.1% 
76.0% 
100% 
100% 
Last Security Level                              X2 = 5.23, df = 2, Cramer’s V= .059, p = .073 
      Maximum +Medium 21.5% 74.9% 100% 
      Minimum 23.1% 76.9% 100% 
      Pending 10.9% 89.1% 100% 
      Total 24.0% 76.0% 100% 
Substance Use: Schedule I or II           X2 = .05, df = 1, Phi= .006, p = .824 
     Yes 24.8% 75.2% 100% 
     No 23.9% 76.1% 100% 
     Total 24.0% 76.0% 100% 
Exit Type                                              X2 = 15.27, df = 1, Phi = .101, p < .001 
     Discharged from Institution 33.6% 66.4% 100% 
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     Released to Supervision 22.0% 78.0% 100% 
     Total 24.0% 76.0% 100% 
Length of Stay                                              237.9                  175.9                        190.8 
 
       (F=33.61, p < .001, rho= -.082 p < .01)     
    Length of Stay (including  
  IDJJ + pre-adjudication detention        345.4                     288.3              302.0    
  time) (median, days) 
         (F= 15.91, p < .001, rho= -.061, p < .05)   
 
YASI Prescreen Overall Score                X2 = 15.27, df = 1, Phi = .101, p < .001 
     Low + Moderate                                        30.2%                             69.7%                       100% 
     High  20.3% 79.7%    100% 
     Total  22.0% 78.0%    100% 
YASI Prescreen Legal Risk Score          X2 = 14.15, df =1, Phi = .136, p <  .001 
     Moderate  33.6% 66.4%    100% 
     High 19.2% 80.8%    100% 
     Total 22.0% 78.0%    100% 
YASI Prescreen Social Risk Score         X2 = 2.37, df =1, Phi = .056, p = .124 
     Low + Moderate 25.6% 74.4%    100% 
     High 20.5% 79.5%    100% 
     Total 22.0% 78.0%    100% 
YASI Prescreen Protective Score           X2 = .035, df =1, Phi = .007, p = .852 
     Low + Moderate 22.0% 78.0%    100% 
     High 20.0% 80.0%    100% 
     Total 22.0% 78.0%    100% 
YASI Static Risk Score                          X2 = .035, df =1, Phi = .007, p = .892 
     Low + Moderate 25.0% 75.0%    100% 
     High 23.0% 77.0%    100% 
     Total 23.0% 77.0%    100% 
YASI Dynamic Risk Score                     X2 = 10.44, df =2, Phi = .175, p < .01 
     Low + Low Moderate 37.5% 62.5%    100% 
     Moderate + High 19.0% 81.0%    100% 
     High + Very High 
     Total                                                                     
19.8% 
23.0% 
80.2% 
77.0% 
   100% 
   100% 
YASI Static Protective Score                 X2 = 1.55, df =2, Phi = .048, p = .46 
     Low + Moderate 23.2% 76.8%   100% 
     High 26.2% 73.8%   100% 
     None                                                          20.5%                             79.5%                       100% 
     Total                                                          21.8%                             78.2%                       100% 
YASI Dynamic Protective Score           X2 = 2.71, df =2, Phi = .087, p = .257 
     Low + Low Moderate 18.1% 81.9%    100% 
     Moderate + Moderate High 
    High + Very High  
22.9% 
29.4% 
77.1% 
70.6% 
   100% 
   100% 
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     Total 23.0% 77.0%    100% 
 
 
 
 
Table 20. Bivariate Comparisons of Violent Recidivism and Independent Measures 
 
Variable No recidivism 
(n=938) 
Recidivism 
(n=564) 
Total 
(N=1,502) 
Average Age at Release           17.2                          17.3                            17.2 
       (F= .744, p = .388 r = .189, p < .001) 
Gender X2 =5.90, df = 1, Phi = -.063, p < .05 
      Male 61.7% 38.3% 100% 
      Female 74.4% 25.6% 100% 
      Total 62.4% 37.6% 100% 
Race                                                         X2 =50.53, df = 3, Cramer’s V = .183, p < .001 
      Black 56.6% 43.4% 100% 
      Hispanic 65.2% 34.8% 100% 
      White 78.6% 21.4% 100% 
      Asian 50.0% 50.0% 100% 
      Total 62.5% 37.5% 100% 
Committing County                                 X2 = 61.24, df =3, Cramer’s V = .202, p < .001 
     Cook 53.8% 46.2% 100% 
     Collar 50.0% 50.0% 100% 
     Other Metro 68.7% 31.3% 100% 
     Rural 77.8% 22.2% 100% 
     Total 62.5% 37.5% 100% 
Admission Type                                      X 2 =6.52, df =1, Phi= .066, p < .05 
     Court Commitment 64.3% 35.7% 100% 
     Technical Parole Violator 56.8% 43.2% 100% 
     Total 62.5% 37.5% 100% 
Last Security Level                                 X 2 = 8.60, df = 2, Cramer’s V= .076, p < .05 
     Maximum + Medium 61.4% 38.6% 100% 
     Minimum  65.9% 34.1% 100% 
     Pending 45.7% 54.3% 100% 
     Total 62.5% 37.5% 100% 
Substance Use: Schedule I or II              X 2 = .45, df = 1, Phi= .017, p = .501 
     Yes 65.3% 34.7% 100% 
     No 62.2% 37.8% 100% 
    Total 62.5% 37.5% 100% 
Exit Type                                                 X 2 = 5.83, df = 1, Phi = .062, p < .05 
     Discharged from Institution 69.2% 30.8% 100% 
     Released to Supervision 61.1% 38.9% 100% 
     Total 62.5% 37.5% 100% 
Length of Stay                                                   197.2                     180 .0                       190.9 
   (F=3.15, p = .079, rho= -.018 p =.483)     
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    Length of Stay (including  
  IDJJ + pre-adjudication detention          308.2                     291.7              302.0    
  time) (median, days) 
    (F= 1.68, p = .196, rho= -.012, p = .652)   
 
YASI Prescreen Overall Score              X2 = 1.15, df =1, Phi = .039, p = .284 
     Low + Moderate 62.8% 37.2%  100% 
     High 57.7% 42.3%    100% 
     Total 58.6% 41.4% 100% 
YASI Prescreen Legal Risk Score        X2 = 5.47, df =1, Phi = .085, p <  .05 
     Moderate  67.1% 32.9% 100% 
     High 56.5% 43.5% 100% 
     Total 58.6% 41.4% 100% 
YASI Prescreen Social Risk Score       X2 = .307, df =1, Phi = .002, p = .579 
     Low + Moderate 60.1% 39.9% 100% 
     High 57.9% 42.1% 100% 
     Total 58.6% 41.4% 100% 
YASI Prescreen Protective Score          X2 = 1.38, df =1, Phi = -.043, p = .241         
     Low + Moderate 54.9% 45.1% 100% 
     High 73.3% 26.7% 100% 
     Total 62.5% 37.5% 100% 
YASI Static Risk Score                        X2 = 1.86, df =1, Phi = -.073, p = .172 
     Low + Moderate       37.5%         62.5% 100% 
     High       61.3%         38.7% 100% 
     Total       60.8%         39.2% 100% 
YASI Dynamic Risk Score                  X2 = 5.86, df =2, Cramer’s V = .129, p = .05 
     Low + Low Moderate       72.2%        27.8% 100% 
     Moderate + High       59.8%         40.2% 100% 
     High + Very High 
     Total 
     53.8% 
     60.8% 
       46.2% 
       39.2% 
100% 
100% 
YASI Static Protective Score              X2 = 5.39, df =2, Phi = .089, p = .068 
     Low + Moderate               62.7%                 37.3%    100% 
     High      65.5%                 34.5%    100% 
None                                                               54.5%                              45.5%                  100% 
YASI Dynamic Protective Score           X2 = 9.39, df =2, Cramer’s V = .162, p < .01 
     Low + Low Moderate 48.2%   51.8%   100% 
     Moderate + Moderate High 
    High + Very High  
62.4% 
72.1% 
  37.6% 
  27.9% 
  100% 
  100% 
     Total 61.0%   39.0%   100% 
 
 
  All of the criminal history variables were found to have a significant relationship with 
rearrest and rearrest for a violent offense with the exception of the continuous IDJJ criminal 
arrests variable. Generally speaking, the associations were weak to moderate, with Spearman’s 
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rho ranging from -.064 to .254. The strongest association between criminal history and rearrest 
(any offense) was the CHRI prior arrests continuous variable (F=61.23, p<. 001), with a 
Spearman’s rho equal to .254 (p < .001). Specifically, the average prior criminal arrests was 4.1 
for those that recidivated and 2.5 for those that did not. All of the significant relationships 
between criminal history and recidivism revealed similar findings.  Consistent with the existing 
literature, the number of an individual’s prior arrests is strongly correlated with recidivism. The 
offense type and class variables had either no relationship with recidivism or a very weak 
relationship. 
Table 21. Bivariate Comparisons of Recidivism on Offense and Criminal History Measures 
       Variable                     No Recidivism        Recidivism      Total 
           (n=1,142)               (n=360)                 (n=1,502) 
 
Offense Type                                              X 2 = .102, df =1, Phi = - .008, p =. 749 
     Violent 23.6% 76.4% 100% 
     Non-Violent 24.3% 75.7% 100% 
     Total 24.0% 76.0% 100% 
Crime Class                                                X2 = 6.32, df =2, Cramer’s V = .065, p < .05 
     Murder, Class X. 1 + 2 22.9% 77.1% 100% 
     Class 3 + 4 24.8% 75.2% 100% 
     Misdemeanor  37.7% 62.3% 100% 
     Total 24.0% 76.0% 100% 
 
Total Criminal Petitions IDJJ                                           4.2                      5.5                           5.1 
      (F=19.60, p < .001, rho= .154, p < .001)    
Total Criminal Arrests IDJJ                                             3.3                       3.6                          3.5           
       (F=.894, p = .344, rho= .072, p < .05)    
Prior Arrests CHRI                           2.5                       4.1                          3.7 
        (F=61.23, p < .001, rho= .254, p < .001)       
 Prior Violent Arrests CHRI                                      0.9                       1.2                          1.1 
          (F=15.01, p < .001, r= .100, p < .001)        
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Table 22. Bivariate Comparisons of Violent Recidivism on Offense and Criminal History 
Measures 
 
         Variable                              No Recidivism         Recidivism          Total 
                                   (n=938)         (n=564)         (N=1,502) 
 
Offense Type                                              X 2 = 6.58, df =1, Phi = -.066, p =. 01 
     Violent 58.9% 41.1% 100% 
     Non-Violent 65.3% 34.7% 100% 
     Total 62.5% 37.5% 100% 
Crime Class                                                X2 = 1.24, df =2, Cramer’s V = .028, p = .548 
     Murder, Class X, 1 + 2 63.4% 36.6% 100% 
     Class 3 + 4 60.5% 39.5% 100% 
     Misdemeanor 60.4% 39.6% 100% 
     Total 62.5% 37.5% 100% 
 
Total Criminal Petitions  IDJJ                                                 4.7                       6.0                       5.1 
      (F=26.84, p < .001, rho= .146, p < .001)    
Total Criminal Arrests IDJJ                                 3.2                    4.1                      3.5 
           (F= 11.74, p = .001, rho= .090 p < .001)      
Prior Arrests CHRI                                   3.2                    4.5                      3.7 
          (F= 54.9, p < .001, rho= .193, p < .001) 
Prior Violent Arrests CHRI                                  0.9                      1.5                       1.1 
           (F= 55.6, p < .001, r= .189, p < .001) 
Multivariate results 
Table 23 and 24 illustrate the findings from the logistic regression analyses for predicting 
recidivism (separated by rearrest and rearrest for violent offense). Table 23 presents two logistic 
regression models with the YASI data omitted, while Table 24 also presents two separate 
regression models with YASI data included as independent variables. As was mentioned earlier, 
the bivariate analyses are important in providing information about the interactions between 
predictor and outcome measures, but do not allow the researcher to control for other factors that 
might influence those interactions. The purpose of creating separate models was to control for 
these factors while determining the differences and similarities in predictors for recidivism, 
specifically regarding YASI scores. The data was checked for any issues with multicollinearity 
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prior to running the regression analyses. Because several variables of interest included in the 
bivariate analyses were highly correlated with each other (i.e., IDJJ criminal history variables, 
CHRI variables) the regression model contained fewer variables than those of the bivariate 
analyses. In order to reduce chances of Type II error, variables indicating strong 
correlations/high VIF values were excluded from the multivariate analyses.  
There were several variables from the first two regression models identified as 
significantly predictive of new arrests and new arrests for a violent crime, displayed in Table 23. 
The models performed fairly well, with a X
2
 of 137.99 (p < .001) and pseudo R
2 
of .132 in the 
rearrest for any offense model and a X
2
 of 104.31 and R
2 
of .092 (p < .001) for the rearrest 
violent offense model. In referring to the R
2
 statistic, it is important to note that the models only 
accounted for 15 percent or less of the variance in predicting recidivism in this sample, 
suggesting many other factors could be influencing outcomes.  
Race was a strong predictor of general and violent recidivism, as was gender and 
committing county. In reference to the Black youth category, being Hispanic/Asian significantly 
decreased the odds of recidivism for any offense by 41 percent (p < .01), and being White 
decreased the odds by 51 percent (p < .001). Predictably, there was a robust finding for gender in 
that being female decreased the odds of rearrest (any offense) by about 52% (p < .001). 
Commitments to IDJJ from certain Illinois geographic areas were also significantly related to 
general and violent youth recidivism, although the areas differed slightly between the two 
dependent variables.  When compared to Cook County, commitment from a rural or metro area 
decreased the likelihood of recidivism by 41 percent (p < .01) and 43 percent, respectively (p < 
.05) for any offense. In contrast, youth commitments from a Collar County were 1.5 times more 
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likely to recidivate for a violent offense than those from Cook County (the reference category). 
This finding was more pronounced than the previous bivariate analyses, in which 50% of youth 
committed from the Collar counties had a new arrest for a violent crime (versus 46% for Cook). 
In addition, youth from these counties surrounding Cook were more likely to be high risk on the 
YASI Overall scores than any other geographic area.  
When controlling for other factors, length of stay was also a significant predictor of new 
arrests and in fact ranked highest in terms of importance considering its Wald score of 33.13 (p < 
.001). Longer lengths of stay in confinement were indicative of a decrease in the likelihood of 
recidivism. For every additional day incarcerated, the odds of rearrest decreased 1 percent. Crime 
class was also a risk factor significantly related to rearrest for any offense, in that youth serving 
sentences for less serious crimes (i.e., misdemeanor) were 57% less likely to be rearrested when 
compared to youth serving sentences for more serious offense classes (p < .01), which is similar 
to the findings in the bivariate recidivism analyses.  
As described earlier in the introduction, days at risk was accounted for and placed as a 
covariate into the model in order to account for the fact that not all youth released in the sample 
will have spent the same amount of time in the community post-release and thus there will be a 
differential in the amount of days youth in the sample have to reoffend. This variable was found 
to be a risk factor for significantly predicting an increase in the odds of a new arrest (OR=1.00; p 
< .001) but not for a new violent arrest. 
Release age, admission type, crime type, and prior criminal petitions were found to have 
no significant predictive effect on either recidivism for any offense or recidivism for a violent 
offense after statistically controlling for the other variables in the model. The finding that these 
  
70 
well-known risk factors were not statistically related to the outcome measures was somewhat 
surprising, given findings from the previous analyses and the current literature (especially 
regarding prior offenses). To expand, recall in the introduction that among several risk factors 
predictive of recidivism, criminal history was the strongest predictor. However, there may be an 
explanation for the non-significant finding. Boulger & Olson’s (2011) research also did not find 
a significant influence of prior petitions on recidivism, once other factors were controlled for. As 
that study concluded, it could be that other legal factors are diminishing the effect of criminal 
history, such as length of stay or crime class (Boulger & Olson, 2011). On the topic of admission 
type, it was found from the cross-tabulations in Table 10 that age and criminal history variables 
were significantly associated with admission type. In addition, technical parole violators 
demonstrated a higher likelihood of rearrest and violent rearrest in the previous analyses 
(although with weak strength). One might assume that those commitments as technical parole 
violators would increase the odds of recidivating when compared to court commitments. Still, 
the fact that neither the criminal history variable nor age was significantly predictive of 
recidivism could also allude to the fact that admission type is not predictive when these other two 
factors are controlled for.   
Table 23. Logistic Regression Results Examining Rearrest and Violent Rearrest (No YASI) 
        Model 1: Any Rearrest      Model 2: Violent Rearrest 
Variable   Beta     SE     Wald     Odds Ratio                            Beta      SE       Wald   Odds Ratio 
Average Age at Release 0.04      0.05        0.67      1.05       -0.01 0.05        0.01 0.99 
Gender      
    Male (reference)       
    Female  -0.73** 0.25 8.50     0.48   -0.55** 0.27 4.22 0.58 
Race   
     Black (reference)     
     Hispanic/Asian -0.51** 0.20 6.80     0.59   -0.55** 0.17 10.53 0.58  
     White               -0.70*** 0.18 14.67   0.49   -0.63** 0.19  11.21 0.54 
Committing County     
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     Cook (reference)     
     Collar  0.59 0.32 3.41     1.80    0.45* 0.22  4.06 1.57 
     Other Metro               -0.55** 0.17 10.67   0.57   -0.44** 0.14  9.52 0.65 
     Rural               -0.52* 0.23 5.27     0.59    -0.62 0.22  8.30 0.54 
Admission Type 
     Court Commitment (reference)    
     TPV   0.01 0.19 0.00     1.00    0.10 0.15   0.44 1.10 
Length of Stay              -0.02*** 0.00 33.13   0.99   -0.00 0.00   2.47 0.99 
Offense Type     
     Violent (reference)     
 Non-Violent  0.07 0.14 0.22     1.06   -0.11 0.12         0.94 0.89 
Crime Class     
     Murder, Class X, 1 + 2 (reference) 
 Class 3 + 4  -0.20 0.14 1.93      0.81   0.09 0.13   0.49 1.09 
 Misdemeanor                -0.84** 0.33 6.56      0.43   0.36 0.32   1.27 1.43 
Total Criminal Petitions     0.03 0.02 0.04      1.00   0.02 0.01   2.18 1.01 
Time at Risk                0.02*** 0.00 16.78    1.00   0.01 0.00   2.77 1.00 
Constant               -1.29 1.08 1.43      0.27               -1.22 0.92   1.78 0.29 
p< .05* p<.01** p<.001***   
 Table 24 represents two additional logistic regression models with the YASI Prescreen 
data included as a predictor variable. The YASI Prescreen Overall score variable was only 
available for 760 cases, and is shown as a “missing” category for this particular measure. YASI 
Full Assessment scores could not be examined due to the substantially small sample size. The 
models performed much like the other two, with a X
2
 of 141.17 (p < .001) and pseudo R
2 
of .135 
in the rearrest any offense model and a X
2
 of 110.42 and R
2 
of .097 (p < .001) for the violent 
rearrest model. 
  When introducing the YASI data, all of the statistically significant variables from the 
first two models remained much the same regarding significance, Wald statistics, and OR: 
gender, race and committing county were still significantly predictive of rearrests and violent 
rearrest while exit age, admission type, crime type, and total prior petitions were not associated 
with either dependent measures. One notable change was that for committing county, youth from 
each of the geographic areas all had differences in recidivism compared to Cook County youth 
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that were statistically significant for both rearrest and violent rearrest after adding the YASI to 
the models.  
 None of the YASI Overall scores were statistically related to the outcome measures for 
this sample. Similarly, other Prescreen domains (i.e., Legal Risk, Social Risk) did not yield 
significant results when ran in the model. It was hypothesized that high risk individuals would be 
the most likely to predict youth recidivism, which was not the case in this research. The finding 
that the YASI Prescreen was not predictive of new arrests overall suggests that certain static and 
legal variables (i.e., gender, race, committing county, and length of stay) when controlled for, 
could mitigate the effects of the YASI scores.   
Table 24. Logistic Regression Results Examining Rearrest and Violent Rearrest (YASI) 
        Model 1: Any Rearrest           Model 2: Violent Rearrest 
Variable   Beta     SE     Wald     Odds Ratio                          Beta      SE       Wald      Odds Ratio 
Average Age at Release 0.04      0.05        0.68      1.05       -0.03 0.05        0.26 0.98 
Gender      
    Male (reference)       
    Female  -0.67** 0.25 7.02     0.51   -0.54* 0.27 3.96 0.58 
Race   
     Black (reference)     
     Hispanic/Asian -0.53** 0.20 7.34     0.59   -0.56*** 0.17  10.85 0.57  
     White               -0.70*** 0.18 14.37   0.49   -0.63*** 0.19  11.42 0.53 
Committing County     
     Cook (reference)     
     Collar  0.65* 0.31 3.89     1.91    0.52* 0.23  5.31 1.68 
     Other Metro               -0.57** 0.17 10.88   0.57   -0.43** 0.14  8.87 0.65 
     Rural               -0.52* 0.23 5.18     0.59    -0.61** 0.22  8.10 0.54 
Admission Type 
     Court Commitment (reference)    
     TPV   0.02 0.19 0.01     0.97    0.11 0.15   0.47 1.11 
Length of Stay              -0.02*** 0.00 31.20   0.99    0.00 0.00   1.34 0.99 
Offense Type     
     Violent (reference)     
 Non-Violent  0.08 0.14 0.37     1.08   -0.11 0.12         0.94 0.89 
Crime Class     
     Murder, Class X, 1 + 2 (reference) 
 Class 3 + 4  -0.19 0.15 1.77      0.82   0.08 0.13   0.42 1.08 
 Misdemeanor                -0.88** 0.33 7.29      0.42   0.34 0.32   1.19 1.41 
Total Criminal Petitions      0.03 0.02 0.02      1.00   0.02 0.01   2.18 1.01 
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Time at Risk                0.02*** 0.00 16.63    1.00   0.01 0.00   1.23 1.00 
YASI Prescreen Overall Scores 
      Low + Moderate (reference) 
      High   0.38 0.23 2.67 1.46               -0.01 0.21   0.00 0.99 
      Missing  0.31 0.23 1.77 1.36               -0.29 0.21   1.89     0.74 
Constant              -1.33 1.05 1.60        0.27               -0.70 0.95   0.54 0.49 
p< .05* p<.01** p<.001*** 
Discussion, Limitations and Conclusions 
 The first goal of this research project was to present an accurate picture of youth 
recidivism in Illinois.  From the analyses in this research, it appears that for youth released from 
IDJJ, rearrests are decreasing from previous studies’ findings (Botswick, Boulger & Powers, 
2013). At the same time, the descriptive data analyzed in this research indicates more serious and 
high risk youth are being admitted to IDJJ as compared to previously-studied youth (Boulger, 
2009; Botswick, Boulger & Powers, 2013). For example, over 65 percent of youth in the sample 
were sentenced for a Class 2 or higher charge (the most serious felonies), compared to 34 percent 
of youth sentenced on Class 3 or lower charge. Approximately one-half of the sample was 
committed for a violent offense. Of the non- violent sentences, fewer than ten percent were for 
drug offenses. Additionally, this sample of youth had an average of two prior arrests and an 
average of four prior petitions.  In line with this, of the youth in the sample who were 
administered a YASI Prescreen and Full Assessment, the largest distribution of risk scores was 
either for youth classified as moderate or high risk. Taken together, these findings may indicate 
that incarceration is increasingly reserved for youth with more extensive risk factors and more 
serious sentences.  This may be as a result of concerted efforts to divert low-risk juveniles with 
less serious crimes from secure confinement.  It may also speak to changes that IDJJ has to 
implement evidence-based practices. 
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 Race, gender and committing county continue to be factors that correlate strongly with 
general and violent recidivism. Black males in this study were found to be significantly more 
likely to recidivate than Whites. Predictably, Black males had the highest percentages of high 
risk scores on the Overall YASI. County of commitment was also significantly related to 
recidivism in both the bivariate and multivariate models. Commitment from a Collar County 
significantly increased the odds of violent rearrest, even when controlling for the YASI variable. 
Additionally, youth committed from Collar counties had the highest percentages of high risk 
YASI scores. In turn, youth from Collar counties possessed fewer protective assets than did 
youth from any other region, including Cook County. Boulger (2009) did not find any evidence 
that Collar counties statistically predicted higher returns to IYC within 5 years compared to Cook 
County; however, other Metro areas and rural areas were found to statistically increase the odds 
of return to IYC in his research.  
 Thus, there seems to be a long way to go still in tackling disparities in the juvenile justice 
system and applying research to practice regarding group differences. Youth from rural counties 
have different risk factors than those from more populated geographical areas, especially 
pertaining to drug-related crimes. The implication for probationers and treatment providers is to 
pay special mind to context and gender-responsive factors in treatment.  Otherwise stated, 
adhering to the “Responsivity” principle of the RNR framework is important. 
Available research on the degree and nature of the predictive utility of length of stay on 
recidivism is cloudy. Some research posits that many factors can potentially mediate the 
relationship between length of stay and recidivism, including risk level and certain demographic 
factors (Winokur et al., 2008). In this study, longer lengths of stay were significantly associated 
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with decreased likelihood of any new rearrests even when controlling for several of these factors. 
From the cross-tabulations it was found that youth serving shorter lengths of stay (on average 
approx. 5 months) were more likely to be high risk as opposed to 6.5 months for youth 
categorized as low risk. The findings may suggest the importance of making decisions regarding 
length of stay based on risk (identified from a valid risk assessment tool) so as to not to over-
incarcerate youth scoring low risk who are less of a threat to public safety.  
While there was no finding of statistical significance regarding admission type and 
recidivism in the final analysis, further research should continue to use this as a variable of 
interest. As stated previously, technical parole violators consist of a substantial proportion (30%) 
of those admitted to IDJJ, and tend to be the older youth with more extensive criminal histories; 
also, they were more likely to score higher on certain YASI risk domains than the court 
commitments. The initial findings from the cross-tabulations demonstrated significant 
differences between the TPV population and court commitments in that TPV’s were older with 
higher risk scores on certain domains (i.e., legal risk). The RNR literature advises against mixing 
low and high risk populations in the same treatment groups on the theory that high risk 
individuals will negatively influence the low risk individuals and cause them to adopt similar 
antisocial attitudes. Perhaps then the inference for administrators regarding these group 
differences is to make sincere efforts in ensuring that TPV’s and court commitments are not 
inter-mixed in programming or while in detention.  
 The second goal of the study was to articulate whether YASI scores were significantly 
predictive of recidivism, especially for youth with medium and high risk scores in the Legal and 
Social Risk domains. Unfortunately, the hypothesis could not be supported. The YASI scores 
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that were included in the model did not suggest any significant relationship with recidivism, 
indicating that YASI Prescreen scores may not be predictive of rearrest beyond other risk factors 
like race, gender, offense class and county of commitment. It may also be the case that there was 
not much variation between the YASI categories (meaning there were few low scores reported), 
which very well could have influenced the outcome. The non-significant finding regarding YASI 
scores and violent recidivism here supports Skeem and colleagues (2017), who also discuss in 
their research the weak utility of the YASI in predicting violent rearrest. YASI Full Assessment 
scores could provide a much different picture if included in future analyses. Much of the YASI 
dataset was too small for it to be included in the more sophisticated analysis without interfering 
with the accuracy of the regression model in this research. 
Limitations 
 This study was a new research endeavor and thus presented some barriers regarding 
missing data. For example, there were only about 300 cases matched to the IDJJ exit data from 
the referral data, thereby limiting the ability to include the data in more sophisticated analyses.  
The YASI Prescreen data consisted on about 760 matched cases, compared to just about one-
third of that for the YASI Full Assessment data.  It was also not possible within the scope of this 
analysis to ascertain whether individual risk/need factors in the YASI, such as substance abuse, 
or certain legal aspects, were or were not predictive of recidivism. 
 Unlike previous analyses, this research did not assess youth who are recommitted to 
IDOC given the study’s focus on youth commitments and recidivism. Considering very recent 
changes in the law that result in fewer youth sentenced to IDOC, it would be interesting to see 
what implications these new laws have on youth returning to prison. Finally, this research was 
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not able to include all three measures of recidivism (i.e., reconviction, reincarceration) given the 
relatively short time to examine youth after release, and thus did not want to provide a skewed 
picture of reconviction or incarceration.     
Implications  
The findings in this study suggest several areas for future research. First, it is important 
that once more data has been collected on Full Assessments, to analyze those risk and protective 
domains to determine their influence on youth recidivism. Special attention needs to be paid 
toward protective assets, considering none of the protective domains were significantly 
associated with recidivism in the bivariate analysis, and very few covariates were significantly 
related to individual protective scores. Once there is more data on the YASI Full Assessments 
and more youth have been assessed over time, it would be wise to include re-assessments in the 
data in order to identify whether dynamic risks wane over time, as the current literature suggests. 
Analyzing YASI data at subsequent data points also allows the researcher to determine if 
appropriate treatment interventions identified from the YASI play a role in reducing risk scores 
as youth matriculate through their time in IDJJ.  
Supplemental analyses might also include more sophisticated analyses on aftercare 
contacts and referrals to establish whether resources are focused on higher risk youth released 
from IDJJ. Future research should also look at whether specific risk factors relating to 
criminogenic needs (i.e., antisocial thinking, substance use) identified from the YASI are 
associated with recidivism outcomes, and whether Case Managers and Probation Officers are 
targeting those needs in sessions with juveniles in order to reduce risk level and recidivism. This 
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helps in providing some insight into how results from the YASI are being used to provide 
differential supervision according to risk level.  
 The importance of continuing to implement and follow evidence-based practices—like 
the RNR model—in identifying the highest risk juveniles and providing them the appropriate 
services is paramount for the future of juvenile justice and rehabilitation. It is my hope that the 
results and recommendations from this paper have supported the need for future analyses on 
youth recidivism in Illinois, with a goal of producing higher levels of public safety and better 
outcomes for youth and communities.   
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